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AFIT/GE/ENG/93D-09

Abstract

The enemy’s synergistic deployment of low observable (LO) airborne threats and stand-
off/escort jammers may defeat USAF fighter/interceptor air-to-air radars. A potential solution
to this problem is to employ an adaptive beamformer. An adaptive beamformer can be used to
cancel interferences while allowing desired signals to be passed from other directions. The jamming
signal can be eliminated by either 1) placing a null in the direction of the jammer, or 2) coherently

cancelling the jamming signal.

Fighter aircraft equipped with X-Band radars having an adaptive beamforming capability
exhibit degraded performance due to radome multipath reflections (RMR). The reflections from
the radome into the antenna array degrade the pattern by causing the formation of large sidelobes.
This phenomenon makes detection of LO targets difficult when jamming enters the high RMR
sidelobes. The combination of broadband jammers and the radar operating in a high-resolution
mode (wide frequency bandwidth) requires a broadband beamformer to solve the problem. Future
low radar cross section (RCS) radomes will degrade the beampattern even more, making the prob-
lem worse. Actual radomes are curved and cause reflected wavefronts to be nonplanar. Analyzing
beamformer performance under these conditions is difficult, since the beamformer response is de-
fined as the amplitude and phase change experienced by a complex plane wave as a function of
frequency and location. To work with planar wavefronts and for the sake of simplicity, we model
the radome as two flat plates parallel to array broadside (one at each end of the array). This
radome model demonstrates degraded beamformer performance by causing large sidelobes to form.
This approximates the characteristics of the multipath environment caused by a real radome. The
ability of a linearly constrained, minimum variance beamformer to cancel interference arriving in
the sidelobes is evaluated. The cancellation performance depends on how many taps are employed

and the source frequency bandwidth.
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ANALYZING ADAPTIVE BEAMFORMER PERFORMANCE
IN A STABLE MULTIPATH ENVIRONMENT

L Introduction
1.1 Background

The enemy’s synergistic deployment of low observable (LO) airborne threats and stand-
off/escort jammers may defeat USAF fighter/interceptor air-to-air radars. A potential solution
to this problem is to employ an adaptive beamformer, which consists of an antenna array with
weights. An adaptive beamformer can be used to cancel interferences while passing desired signals
from other directions. The jamming signal can be eliminated by either 1) placing a null in the

direction of the jammer, or 2) coherently cancelling the jamming signal.

1.2 Problem

The presence of the aircraft radome in front of radar antennas degrades adaptive beamformer
performance. The reflections from the radome into the antenna array degrade the pattern by
causing the formation of large sidelobes. This phenomenon makes detection of LO targets difficult
when jamming enters the high RMR lobes. These RMR sidelobes form because energy reflects
into the main and other high gain beams. If a jammer is located in the direction of a high RMR
sidelobe, a large amount of the beamformer output power will be due to energy reflected into the
main beam. In this case a null formed in the direction of the jammer will not attenuate interferer
energy which enters the main beam. One solution is to put a null in the main beam. This is not a
good idea because this causes desired signals to also be attenuated. Thus, jammer signals must be

coherently cancelled so that desired signals can be detected.




1.8 Assumptions

All data are assumed to be wide sense stationary (WSS), which means the data covariance
matrix is independent of time. The data received by the array are assumed to be zero mean.
All desired signals are assumed to be uncorrelated with all interfering signals. The signals and
interferers are uncorrelated with the noise, which is white. The sources are assumed to originate

as points in the far field.

The radome is assumed to be perfectly smooth; no random phase is associated with reflecting
off the plates. The signal is only attenuated in amplitude. Only a single bounce off the plate into

the array is analyzed. All discussion of frequency is in terms of normalized frequency.

1.4 Scope

The scope of this thesis is limited to modeling the radome as two flat plates. The direct path
signal through the first plate and the first bounce signal off the second plate are generated and
used as input to a fully adaptive beamformer. The output power as a function of the number of

taps is calculated to determine the amount of interference cancellation obtained.

1.5 Approach

The radome is modeled to simulate its effect on beamformer performance. Since beamformer
response is defined in terms of the amplitude and phase change experienced by a complex plane wave
as a function of frequency and location, a radome model which supports plane waves is developed.
The radome is modeled as two flat plates with reflection coefficients which are functions of angle.

This radome model is used to simulate the RMR environment.

The beamformer to be analyzed consists of an equally spaced, linear array of antenna el-
ements along with weights. The number of antenna elements and taps (in the broadband case)

is variable. Taps are added behind each sensor in the broadband case to provide for frequency
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domain filtering over the signal bandwidth. For a detailed discussion on nonzero bandwidth signals
and analysis of tapped delay-line arrays, see Compton’s book [9]. The criteria for weight selec-
tion is linearly constrained, power minimization, also referred to as linearly constrained, minimum
variance (LCMV) beamforming. Before evaluating beamformers in a multipath environment, nar-
rowband and broadband beamformers are designed and validated by comparing results to those in

the literature.

Using the radome model described above, a RMR environment is generated . A jammer
is placed in a large RMR sidelobe, so that energy reflects into the main beam. The ability of
the beamformer to cancel this jamming signal is evaluated by observing the output power of the

beamformer in the direction of the jammer.
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II. Literature Review

This section presents a summary of research in the area of adaptive beamforming. It starts
out with general beamforming concepts and then reviews data generation and other more specific

topics related to the subject of this thesis.

Van Veen and Buckley wrote an article on the general concepts involved in beamforming [45].
This article presents the concepts on linearly constrained minimum variance (LCMV) beamform-
ing used in this thesis. In particular, we use the generalized sidelobe canceller (GSC) form of the
LCMYV beamformer. The GSC is the most general form of adaptive beamformer and has demon-
strated better results than any of the specific beamformers such as the multiple sidelobe canceller
(MSC) [46]. The MSC can be represented as a specific example of a GSC. The LCMV beamformer
approach is preferred since it doesn’t assume a partially adaptive solution like the MSC does. By
starting with the more general GSC, a partially adaptive solution based on the expected interfer-
ence environment can be determined. Van Veen and Buckley [45] cover adaptive algorithms and
implementation issues which are not discussed as part of this thesis. Van Veen also wrote a chapter
in a book on minimum variance beamforming [40]. This material is updated from his previous

articles. It presents some new information which makes the derivations easier to follow.

Most of the research in the area of beamforming assumes narrowband signals and doesn’t dis-
cuss the details of broadband beamforming. Buckley wrote an article on broadband beamforming
which develops models for broadband sources [5]. This article, along with those of Van Veen, pro-
vides all the details necessary to design narrowband and broadband beamformers. It also describes

models for uncorrelated broadband signals with spatial and/or frequency extent.

Compton’s article and book provide an explanation of broadband interference cancellation
performance using tapped delay lines (8][9]. Monzingo and Miller also discuss broadband con-
cepts [30]. They discuss practical aspects of adaptive arrays and include many of the mathematical

derivations.




Dudgeon’s article covers the fundamentals of digital array processing [10]; it applies basic
digital signal processing principles to beamforming. His book [11] contains multidimensional signal
processing ideas applied to beamforming. It describes the delay-and-sum beamformer, which is used
in this thesis. The section on wavenumber-frequency space filtering was applied to take advantage of
the fast Fourier transform (FFT) in computing the beamformer response. Another book, by Widrow
and Stearns [51], covers the fundamentals of adaptive signal processing. It covers basic adaptive
systems and their applications, including beamforming. Alexander’s book [1} covers adaptive signal

processing in more detail than Widrow and Stearns, but doesn’t include beamforming applications.

Haykin wrote a chapter in a book [24] on narrowband signal and noise models for radar array
processing applications. He describes how off-diagonal elements in the spatial correlation matrix
of the signal-in-space vector are all zero and the spatial correlation matrix of the received signal
vector is a Toeplitz matrix when the sources are jointly uncorrelated or noncoherent. The spatial
correlation matrix of the received signal vector is non-Toeplitz when the sources are correlated or
coherent. One method of decorrelating a desired signal from an interferer is based on restoring
the Toeplitz structure of the received signal vector [17). He describes a narrowband multipath
model in detail. Haykin also edited a book [18] which contains several articles on array processing
applications to radar. Nitzberg’s recently published book [32] covers array signal processing for
radar. It emphasizes multiple sidelobe cancellers, but discusses topics of equal concern to linearly
constrained beamformers. A book by Hudson [22] has several sections dealing with coherent signals,
including multipath, and their effects on cancellation performance. It contains discussions not
found in the other sources. It also contains some relevant and useful vector, matrix, and statistics

properties in the appendices.

Scharf’s book [35] contains compact, narrowband models for linear combinations of vectors,
including one for the data matrix associated with multisensor arrays. The sections on unitary

decomposition, singular value decomposition, and low rank approximation are referred to in this




thesis. Shanmugan’s book [37] was used as a reference for random signal principles. His definition

of correlation coefficient, along with other random signal principles, is applied in this study.

An article by Buckley and Griffiths [6] about an adaptive GSC with derivative constraints was
useful. It pointed out that when using derivative constraints the quiescent beampattern depends
on the location of the phase center of the array. This information helped to solve a problem
encountered when applying eigenvector constraints to an adaptive GSC. Er and Cantoni [13] also
wrote an article on derivative constraints for broadband, element space, array processors. In all

the arrays they analyzed, the phase center of the array was chosen as the zero phase reference.

Frost [15] first wrote about the use of linear constraints for the time domain, element space
processors, on which the beamformers in this thesis are based. He includes a lot of the mathematics
missing from the other articles. He also provides a detailed geometrical interpretation of the
linearly constrained minimum variance (LCMV) problem. Er and Cantoni [14] discuss a broadband
processor without pre-steering time delays, which are required by the Frost processor. Griffiths and
Jim first described the GSC approach to LCMV beamforming in their article [21]. Jablon [23] also

discussed the GSC and evaluated its steady state cancellation performance.

Adaptive arrays typically have main lobe and sidelobe shapes differing from those designed
from deterministic, nonadaptive arrays. Three articles present procedures for approximating a
desired quiescent beampattern with a partially adaptive beamformer. Two of the articles [20](19]
discuss a method based on the use of the GSC. Both of these methods require one additional
linear constraint for both narrowband and broadband arrays. Van Veen [43] describes a method to

approximate the desired response which uses any or all of the available degrees of freedom.

Partially adaptive beamformer designs are analyzed and evaluated in several sources. Van
Veen [40] mentions two design methods for partially adaptive broadband beamformers: the eigen-
structure based and the power minimization based design procedures. The eigenstructure based

design [42][40] problem is simpler to solve than the power minimization problem, but requires more




adaptive weights for comparable performance. Power minimization based design [46][41][39] gives
the best interference cancellation performance with the fewest weights. It is helpful to read Liu and
Van Veen's [26] article to better understand the power minimization based design. Van Veen [39]
explains that beam based designs are not justified for broadband systems. Partially adaptive beam-
forming is out cf scope in this thesis, but would be the next logical extension to the fully adaptive

case examined here.

Van Veen [44] wrote about soft response constraints with minimum variance beamformers.
LCMV beamformers use hard constraints to control the response of the desired signal. If the
constraint is allowed to permit distortion of the desired signal, the interference cancellation perfor-
mance can be improved. Van Veen’s approach is to minimize the variance subject to a constraint

on the mean-square response (quadratic constraint on the weights).

Several articles describe coherent and correlated narrowband signals. Li and Chang [25]
modeled a narrowband multipath signal as a scaled and delayed version of a direct path signal. The
narrowband multipath scenario generated in this work is based on this model. Reddy [34] describes
a narrowband model for two coherent sources. Shan [36] and Godara [17] also cover narrowband
models for two or more coherent sources. The correlated narrowband signals generated in this

thesis are based on these coherent signal models.

Vural compares the different types of adaptive array processors [47); the time domain, element
space processor is the type considered in this study. Adaptive Technology, Inc. [29] studied the
radome multipath reflection problem. Their report covers the problem and possible solutions. The

idea to model the radome as two flat plates originated from this report.




III. Preliminaries
3.1 Introduction

A beamformer weights and sums data from an array of sensor elements to perform spatial
filtering. Spatial filtering involves separating signals which have similar temporal frequency content
but arrive from different directions. Signals are classified as either narrowband or broadband. One
definition of narrowband is in terms of the fractional bandwidth. The fractional bandwidth is
the signal bandwidth as a percentage of the carrier frequency. Signals with fractional bandwidths
much less than 1% are classified as narrowband and those with fractional bandwidths much greater
than 1% are broadband [40]. Another definition of narrowband is in terms of the time bandwidth
product (TBWP). The TBWP is the product of two terms: 1) the temporal aperture or the time
it takes a wave to propagate from the first to the last sensor and through the taps and 2) the
bandwidth of the signal. Signals with a TBWP much less than one are considered narrowband
and those with a TBWP much greater than one are broadband [40]. A narrowband beamformer
is analogous to a finite impulse response (FIR) filter. While the response of a FIR filter is a
function of frequency, a beamformer’s response is a function of both angle of arrival and frequency.
Narrowband beamformers are much easier to analyze than broadband and will be developed first.
The broadband beamformer will be described second. The beamformers are designed according to

the linearly constrained, minimum variance form.

3.2 Basic Definitions

Vectors and matrices are used throughout this thesis. Vectors are denoted by bold face lower
case symbols, and are assumed to be column vectors. Matrices are denoted by upper case symbols.
In this thesis, A*, A¥ and A-! denote the operations of complex conjugate, Hermitian or complex

conjugate transpose, and inverse of a matrix A, respectively.
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3.3 Basic Concepts

3.8.1 Narrowband Beamforming. Figure 3.1 is a schematic for a narrowband beamformer.
It essentially weights and sums the data at the sensors and, accordingly, is sometimes called a
weighted delay-and-sum beamformer [11]. The arrow pointing to the array from an angle § with
respect to the array broadside (perpendicular to the array) represents a plane wave from a source

in the far field. Plane wave propagation implies that the wave amplitude is constant at all points

s() =™

40

Figure 3.1 Narrowband beamformer

on a line perpendicular to the direction of travel. The beamformer response can therefore be
characterized only by delays between sensors, and not amplitude. The elements impart a sampling
in space as the wave propagates through the array. The antenna outputs are assumed to have
becn sampled in time. The number of sensors is chosen to meet the Nyquist criterion for spatial
sampling, which implies

c Ami
d< = un, 3.1
~ 2 fmax 2 3.1

where c is the speed of propagation in the medium of interest, d is the spacing between elements,

Jmax is the maximum frequency allowed for the sources, and A .., is the wavelength corresponding

32
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to fmax. All examples in this thesis use normalized frequency as expressed by
—r<w<snT. (3.2)

Further, ¢ and d are often normalized to one. To meet the Nyquist criteria for space and time we

require fmax = 1/2 or Apip = 2.

As shown in Figure 3.1, the output of the array at time ¢ is

N
y(t) =) wpzy(t), (3.3)

p=1

where N is the number of antenna elements. A compact vector form of this equation is
y(t) = wx(1), (34)
where the data at the sensors are represented as
x(t) = [z1(t) 2z2(t) - 2N @), (35)

and the weight vector is

w=[w; wy - wy]T. (3.6)

Assume the signal prop:, uting toward the array is a complex sinusoid with direction of arrival
(DOA) 0 and radian frequency w. The zero phase reference is taken to be the center of the array.
This point need not coincide with a physical untenna element. The data in the pth antenna channel

due to a unit amplitude, complex sinusoid in the far field is

zp(t) = B+ 1 <p <N, 3.7)
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where Ap(8) represents the additional path length in the direction of propagation from the sero

phase reference to the pth sensor:

N+1 dsinf
8,(0) = (—— - ). (3.8)
Substituting this into equation 3.3 gives
N
yt) = Zw;e.iw(HA.(O)l
p=1
. N 3
= a“'zw;awAp(O)
p=1
> N . N41 M
= a“‘zw;a“(+-P) C
p=1
= &r(0,w), (3.9)

where r(6,w) is the beamformer response. The response can be expressed in vector notation as
r0,w) = wid(8,w). (3.10)

Here d(6,w) is the array response vector defined by

1

-".p‘. in #
e J =.Ill
N=-1

d(8,w) = e/ H(FF)sine . (3.11)

e-j(N—l)w{- sin ¢
L J
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By defining the the vector

¥n(2z) = . , 3.12)

Equation 3.11 can be written more compactly as

d(0,w) = w5 t)aint g (o—jwdsingy (3.13)

From equations 3.9 and 3.10, the beamformer output due to an elemental source can be expressed

w(t) = dtwH (6, w). (3.14)

Here,
x(t) = &'d(9,w), (3.15)
models the data due to an elemental point source of unit amplitude.

The beampattern is defined to be the magnitude squared of the beamformer response. To plot
the beampattern, the responses at the angles of interest are needed. The row vector of beamformer

responses can be written as

r(w,8)

["(%01) r(w,02) - "(U,UN)]

[wﬂd(u,e,) wHd(w,0;) --- w”d(u,an)]- (3.16)
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Another way to get the beamformer response is to take the discrete Fourier transform (DFT)

of the complex conjugate of the weight vectors. This gives responses at the angles

D — a1 ("-1)521 . .
6; = sin [ " dN]’ 1<i<N. (3.17)
To see this, rewrite equation 3.16 as

r(w,0) =w” [ d(w,6;) d(w,82) --- d(w,6n) ] - (3.18)

Substituting the array response vectors into equation 3.18 yields

1 1 e 1
e—iwhsint, e-jwisint, . e—Jwisindy
r(w,0) = wl D, (3.19)
e—iwd(N-1)sind; —jwd(N-1)sint;  ,—jwd(N-1)sinty J

where D is the diagonal matrix
D= diag{ejuf(y-i-'-)lin 0 ejwﬁ-(#—'—)lin 0 . eiu{(ﬂfi)lin ON}. (320)

The matrix in the center of equation 3.19 is similar to the DFT matrix which is given by

[ 1 1 1 1
1 e‘j(l)w‘ e e‘j(lxN—l)*
V= : (3.21)
1 e~ J(N-DF ... ~iN-1)N-DFFf |
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It is well known that if f is a column vector, then

gT =f{Tvy (3.22)

is the DFT of f7. Comparing the matrix in equation 3.19 with the matrix representation of the

DFT in equation 3.21, we see that when

-1 |(i=1)c2x] ;
8; = sin [ — Nl 1<i<N, (3.23)
then

r(w,0) = wiVD. (3.24)
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Figure 3.2 Broadband beamformer

3.8.2 Broadband Beamforming. Broadband beamforming is similar to narrowband except
that taps are added to allow for interference cancellation over a band of frequencies. The Nyquist
criterion for spatial sampling is met as in the narrowband case. The delay between each of the taps

is normalized to 1 sec. The Nyquist criterion for temporal sampling is

We = T > 2wmax. (3.25)

With T normalized to one second, temporal frequency is normalized as

-r<w<s (3.26)
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Figure 3.2 is the schematic for a broadband beamformer. With the broadband beamformer, there

is a datum at each of taps. The equation for the output now becomes

K L-1

¥(t) =Y Y 0 mzp(t,m), (3.27)

p=1m=0

where K is the number of sensors and L is the number of taps. Delayed versions of the data at
each sensor can be written as

2,(t, m) = Ult-mT+4,(0)] (3.28)

where m ranges from 0 to L — 1 and T is the time delay between adjacent taps illustrated in
Figure 3.2. The zero phase reference is at the center of the array as in the narrowband case.

Substituting the above equation into equation 3.27 gives

K L-1
Z Z w;'meiute—ju[mT-A,(O)]
p=1m=0
K L-1
= vt Z Z w;'me—jU["'T—A'(')]
p=1m=0
K L-1

= elwt Z E w; me-jumchwA,(O)

y(t)

p=1m=0
. K L-1 ' e e
= elwt Z E w;,me—JumTer(—f——p) s
p=1m=0
= &“'r(8,w). (3-29)

As before, r(#,w) is the beamformer response. Again, the response can be expressed in vector

notation as

r(6,w) = wid(8,w), (3.30)
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where d(#,w) is now expressed as

d(ﬂ,w) = eng(ﬁ#)-ino

and the weight vector is

w={wo wyp -+ wko wiy wz

e-ju(x)g sin ¢

e'jw(z)g sin ¢

e—Jw(K)Lsino

e~ Jw(1)T g—jw(1)4 sind

e~ Jw()T g—jw(2)4 sin e

e~ iw(1)T g=jw(K)$ sin ¢

e—Jw(L=1)T g~jw(1)44in 6

e—iw(L=1)T g~jw(2)£ sin e

—ju(L=-1)T ~jw(K)% sin @
e [4 3

.

* WK1 - Wi L-1 W2,L-}

This array response vector can be expressed more simply as

K=

d(f,w) = ejwﬁ(—;l)linO’L(e-juT) ® ’}{(e-j“'%'in l)’

3-10

(3.31)

wxr)T. (3.32)

(3.33)




where the symbol ® is the Kronecker product defined in [27). An example of a Kronecker product

is
e1nB a12B
A®B= , (3.34)
a1 B aB
where
a;y a2
A= )
az; a2

and B is a matrix. For the broadband case, we evaluate the beamformer response as a function of

both angle and frequency. Therefore, we define the beamformer response matrix as

w"d(wl,ﬂl) WHd(wl,OQ) v w”d(wl,ﬂn)
WHd(wz,al) Wﬂd(wz,gz) e w”d(w;,GN)

H(w,0) = . (3.35)
wHd(wn,0,) wHd(wn,82) --- wHd(wn,0n) ]

This equation may be solved directly for the response. However, as in the narrowband case, an
alternate method exists for calculating the response. If the stacked weight vector is unstacked and
put into matrix form, the DFT of the rows and columns can be used to obtain the beampattern.
The concept is the same as in the narrowband case except a DFT is performed on each row (cor-
responding to different frequencies), and then to each column (corresponding to different angles),
of the beamformer response matrix. This case is more complicated than narrowband since the
angular spacing is different from frequency to frequency. At each frequency, the number of valid

points must be calculated.
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3.4 Data Generation

All the data used in this thesis are simulated. Since the data are assumed WSS, the covariance
matrix of x can be written as

R.: = Efxx*). (3.36)

In the narrowband case, the data covariance matrix for a narrowband signal at frequency w, is

represented as

z = Uzd(on‘*’o)dﬂ(as ,Uo) + Ry, (337)

where o2 is the power or variance of the signal, 6, is the DOA of the source, w, is the radian
frequency of the signal, and R,, is the covariance matrix of the noise. When the signal originates

from a single DOA but is broadband, the expression becomes

1

Rer = 2—1‘_

/ o S(w)d(8,w)d? (8,w) dw + Rag, (3.38)
wE€

where S(w) is a weighting function over frequency, called the power spectral density (PSD), and

is the frequency extent of the source. The most general expression is

1

= — H
e = o2 /ae o /u o 5(0,w)d(6, ,w)d" (6,,w) dwdd + Ran, (3.39)

where S(f,w) is a weighting over frequency and DOA and is alsc a PSD, and © is the spatial
extent of the source. The noise is assumed to be additive and white. It is assumed Gaussian with

covariance 021, where o2 is the white noise power and I is the identity matrix.
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8.5 Linear Constrainl Design

The simplest type of constraint is that of a point constraint, which constrains the beamformer
response at a specified frequency and DOA. The response is constrained at radian frequency w,
and angle 4, as

de(anWo) =r (3.40)

where r is the desired complex response. Several linear constraints can be expressed as

Clw =g, (3.41)

where C is the constraint matrix and g the response vector. The matrix C is chosen to contain M
linear constraints so the above equation represents M linearly independent columns in N unknowns.
The weight vector w has length N, where in the broadband case N = K x L. This makes the
dimensions of C, N by M. f N = M, then w is uniquely determined by the constraints. To ensure
there is a w which satisfies the constraints, M is chosen to be less than N. An example of multiple

point constraints is

[d(ollvwo) d(oomwo) d(o¢3,wo)]Hw=[rl T2 rS]T- (342)

In this case, M = 3, C = [d(0,1,w,) d(8s2,w,) d(b,3,w,)], and g = [ry r2 r3]7T.

A more efficient type of constraint in the broadband case is the eigenvector constraint. Eigen-
vector constraints are used to approximate a desired broadband response using only a few linear

constraints.
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3.6 Linearly Constrained Minimum Variance (LCMV) Beemforming

3.6.1 LCMYV Criterion. The LCMYV criterion applies to both narrowband and broadband
beamforming. The objective is to pass a desired signal while minimizing power from undesired
signals. This is accomplished by constraining the beamformer response in a desired direction while

minimizing the output power or variance. The problem to be solved is
min P, subject to Clw =g (3.43)
P, is the expected value of the output power and is expressed as
P, = E[jyl*] = Elyy”] = wElxx"w. (3.44)
Thus, the problem is restated as
min wiR,.w subject to CHw=g. (3.45)
To begin to solve this problem, guess that the solution is
w, = R;}C[CP R} C 'g. (3.46)

Equation 3.46 is a valid guess because C is full rank and R, is positive definite (this ensures
the inverses exist) [40]. Other solutions of the form w = w, + a meet the constraint so long as

CHa = (. Substituting this solution back in the objective function gives

wHR..w = (wf +afl )Rzz(w, + a)
= wfRzzwg + W:’R::a + al Rszw, + afl R:za

= wHR..w,+g¥[C¥R;}CI"'CYR;}R..a+ a" R.. R} CICPR;}C] g + 2 R;.a
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= w:’R,,w, + g"[CHR;} “lcHa 4+ a”C[CHR;'} “lg+afR,..a

w Reowy +af R, a, (347)

since CHa = 0. We see that all other possible solutions which do not violate the constraint make

the objective function larger. Thus, w, gives a minimum.

3.6.2 Generalized Sidelobe Canceller.  The generalized sidelobe canceller (GSC) is another
equivalent form of the LCMV beamformer. Figure 3.3 is the schematic of the GSC implementation

of the LCMV beamformer. The derivation that follows is from Van Veen {40].

+ y

7\

N-K

Figure 3.3 Generalized sidelobe canceller schematic

The GSC uses an orthogonal basis for the null space of the constraint matrix C. Form the
matrix C,, as the orthogonal complement to the space spanned by the columns of the full rank
constraint matrix C. C, is size N by N — M. Together the columns of C and C, span the entire

N dimensional space. The weight vector can be expressed in terms of a set of basis vectors as

w=Cv~CpwWy, (3.48)
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where vis M by 1 and w, is N — M by 1. Cv and C,w,, represent the components of w in the
spaces spanned by the columns of C and C,, respectively. Since the columns of C, and C are

orthogonal, C#C, = 0. Applying the constraint to this new weight vector gives

Ciw=CcHCv-CHCpw, =CHCv. (3.49)

Using the linear constraint equations from equation 3.43, v can be expressed as

v=(CcHC) g (3.50)

Substituting this back in equation 3.48 results in

w =C(CHC) 'g ~ Cpw,. (3.51)

The first term in the above equation only depends on the constraints and is independent of the
dava. This part is implemented in the upper branch of the GSC and represents a nonadaptive
beamformer. The first term in equation 3.51 is sometimes called the quiescent weight since it is

the part independent of the data. It is represented as

w, = C(CHC) . (3.52)

The lower branch of the GSC consists of an unconstrained adaptive beamformer. The number
of adaptive weights is ¥ — M. The constraint matrix C preserves the desired signal. Thus, the
matrix C,, blocks the component of the data that lies in the space spanned by the columns of C.

For this reason, C, is referred to as the signal blocking matrix.
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Using the GSC, the LCMV problem is expressed as the unconstrained problem
min (Wg = Cawpn) ¥ Ror(wy — Cawa). (3.53)
The solution [40] to this equation is
wn = (CHR,.Co) 'CH Ryow,. (3.54)

The reason to implement this form is that the direct form LCMV beamformer requires a constrained

adaptive algorithm, which is more complex than an unconstrained one.
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IV. Analysis and Simulations
4.1 Introduction

This chapter applies concepts from chapter 3 to the simplified RMR problem. Before the
actual problem is addressed, basic narrowband and broadband beamforming concepts are tested
and compared to results in the literature. Since the implementation of the guiding equations and
algorithms were not revealed in the articles, the developments are included here. Much time will be
saved by using these derivations and algorithms in the future. The actual algorithms are written

using Matlab. The files are included in the appendix.

4.2 Narrowband Beamforming

4.2.1 Data Generation.

4.2.1.1 Uncorrelated Sources. Complex data are generated for the narrowband case.

The covariance of a single narrowband source is represented [24] as

R, = 02d(0,,w,)d(0,,w,)¥ . (4.1)

Here the data x are generated as a random amplitude times the array response vector. For two

uncorrelated sources this becomes

X = s+n

a1d; + azdz +n, (4.2)

4-1




where s is the received signal vector, the a;’s are random signal amplitudes, and the d;’s are array

response vectors. This equation can be represented as

x = Ba+n, 4.3)

where a = [a; a3])7, B = [d; dj], and n is uncorrelated noise represented as [n; n3]”. The vector
a is sometimes called the signal-in-space vector [24]. Assume a, and a; are statistically independent
and the vectors a and n are independent and normally distributed with zero mean. Further, n is

Gaussian with covariance 02]. The data covariance matrix can be computed as

R.. = E[xxf]
= E[(Ba+n)(a?B? +nf))
= E[Baa® B¥] + E[na” B¥] + E[Ban?] + E[nn”]
= BE[#a"]BY + Rna
= BReB¥ + Run

= R.. + Rﬁn [ (4.4)

where R,, is the spatial correlation matrix of the signal and R,, = 02Iy with Iy the identity
matrix of size N. The matrix R,, is the spatial correlation matrix of the signal-in-space vector and

is expressed as

Raa E[aa®]

]

a1a] @143
aza; aza3
Ela;a}] E[aja3]

E[aza}] E[aza3]
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o} 0
0 o
n O
= , (4.5)
o~
where E[a;a!] = E[|a;|?] = ¢? = p;. Notice that R., can be expressed as
o2 0
Res = B ' Ba + Rpn
0 o3
o} 0 af
= [d1 dj + Ran
0 o3 d7
2 a7
= lvldl U;dzl + Ran
a7
= d?dldln + ﬂgdzdzu
= R+ R+ Ran . (4.6)
This is an expected result for uncorrelated sources.
4.2.1.2 Correlated Sources. Godara [17] represents two correlated signals as
8 = /py01d; + V/P2(pc61 + V1 - |pcl?as)dy, (4.7

where a; and a; are independent and have zero mean and unit variance. Also, p; and p; are the
powers of signals one and two, respectively. In the correlated model, the off diagonal elements of

Raa are proportional to the correlation coefficient. The correlation coefficient [37) is defined as

E[a;a3]

Pe = \/ElamﬂElaaa;l )

(4.8)
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This can be rearranged as

E[a1a3]) = pcv/P1P2 - (4.9)

The matrix R,, is Hermitian symmetric so

Elaza}] = o} v/P1P2 - (4.10)
Now, compute the data covariance matrix with the R,, as above:

P Pe/PIP2 af
Rs: = [dl dz] ) ! 4+ Rpn

PN TR df

aff
= [pdi + pidavPipz pediv/PiP: + dapo) + Ran
af

= p1did¥ + pldy/PiP2dY + pedi F1P24Y + p3dady + Rnn. (4.11)

4.2.1.3 Multipath Model. The multipath model used simulates a specular, single

bounce reflection off a flat plate into the antenna array. Figure 4.1 shows the set up. The plate

on the right does not reflect energy; signals pass through unaffected. Signals from positive DOAs
reflect off the left plate according to

9?

pr(0) = @;-;uw), (4.12)

where p.(6) is the reflection coefficient, u(6) is the unit step function, and @ is the angle from the

broad side of the array in radians. This correlation coefficient function of # was chosen because it

approximates that of an actual radome. When signals arrive at broad side (perpendicular to the

array), there are few or no reflections. Signals reflect more as the angle from broad side increases

(100 % reflection at 90° from broad side). The reflection process is assumed to only attenuate the
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Figure 4.1 Two plate multipath model

signal after it bounces off the plate. No random phase is introduced by the reflection surface; it is
assumed to be perfectly smooth. The wave starts out planar and remains that way after it bounces
off the wall. The reflected or indirect path wave is modeled as a scaled and delayed version of the
direct path wave. For a narrowband signal, the signal part of the data observed by the sensors is

given by

8 = ayd;+axd:

aid; + praye~i¥d,

ard; + prare”I ARG, (4.13)

where AR is the path length difference between the direct path and indirect path wave at the zero

phase reference of the array.
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The signal covariance matrix for this model is

E[ss?]

1]

E[(a1d1 + praye™’ ‘f‘md,)(ai df 4 prajel ¥ARGHY

o;didy + o2& Q‘Anp;dldf' +0olpre™? 3*““’dgdf" + o?|p,|2dady.

E[a;1a}]d;d¥ + E[aia}]e ¥ 4R 2 d,d¥ + Elaya}]p,e~i ¥4Rd,d¥ + Efayal]ipr|?dzd

(4.14)

The data covariance matrix for the above signal covariance matrix can be written in vector notation

of olorel ¥ AR

Rez = [dl d?]
Ufp,.c'j ¥ar

This gives R,, as
2
o1
Reo =
o2p, e—i AR
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olprei ¥R

oilerl?

-

+ Ran. (4.15)

dff
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sin of DOA

Figure 4.2 Narrowband beamformer with eight interferers; SNR = INR = 60 dB

4.2.2 Point Constraints.  Point constraints are used with the narrowband beamformers.
In all cases the beamformer response is constrained to unity in the direction of the desired signal.
Figure 4.2 displays the beampattern for a beamformer constrained at the DOA arcsin(0.1) with a
signal environment consisting of eight uncorrelated interferers from direction sines of -0.85, -0.55,
-0.25, 0.05, 0.25, 0.45, 0.65, and 0.85 in uncorrelated noise. The frequency of all signals is 1/2 (or
w = 7). The interferers have power levels 60 db relative to the noise. Figure 4.2 shows this result,
which is the same as that obtained by Van Veen [40]. The file bfnb9s.m contains the code for this
problem. Using the GSC form of the LCMV beamformer provides the same results as the direct

form.

The GSC form with point constraints is used for the multipath simulation. The frequency
of all signals is again 1/2 (w = 7). The multipath case is set up with the interferer arriving
from +45 degrees and reflecting into the desired look direction, which is chosen as -45 degrees.
This is the worst case for the multipath in that all the reflected signal will reflect into the main

beam. When the interference signal reflects into the main beam, a null formed in the DOA of the
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Figure 4.3 Narrowband beampattern for multipath case

interferer will not solve the problem. The beamformer must cancel the direct path signal with the
indirect path signal. The more correlated these two signals are, the better they can be cancelled.
Since the multipath reflection signal is a scaled and delayed replica of the direct path signal, the
two are correlated. The indirect interference signal can be destructively added to the direct path
interference signal because they are correlated. Since the reflection coeflicient at 45 degrees is 1/4
(from equation 4.12), the reflected signal is one fourth the amplitude of the direct signal and delayed
in time. To cancel these signals, the beamformer forms a beam four times as large in amplitude
in the direction of the reflected signal as in the direct path direction (see figure 4.3). Since this
is a beampattern plot (magnitude squared), the difference in the beam gains is 12 dB. To see the
amount of cancellation, the output power of the beamformer is calculated. This gives the response
of the entire system (including plates) to unit amplitude far field sources. Figure 4.4 is the output
power of the beamformer with the quiescent weights, while figure 4.5 is the output power with
the adapted weights. The Matlab files outputpownbq.m and outputpownbw.m contain the code to
compute and plot the output power. Figure 4.5 shows that the interference signal at 45 degrees

has been cancelled.
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Figure 4.4 Output power with quiescent weights; SNR = 60 4B

80 60 40 -20 0 20 40 60 80

Figure 4.5 Output power with adapted weights
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4.3 Broadband Beamforming

4.3.1 Data Generation.

4.3.1.1 Uncorrelated Sources. Real data are generated for the broadband case.
Constant PSDs are assumed for all sources; this weights all frequencies evenly and is the worst case

assumption [40]. The PSD used is

1 1
S(“’) = EX[—N.,—U.](“’) + §X[w.,w.](w): (417)
where x(w) is the indicator function defined as

1 f z<w<y,
Xz (W) = (4.18)
0 otherwise.

As defined earlier, the array response vector is

d(w,8) = e Tt Lein0g ) (o—ivT) @ (e IwEsin0), (4.19)

Signal covariance matrices for the uncorrelated sources with no spatial extent are calculated

as follows:
1 e . 1 [ .
Rz [ S@w)dw,0)d% w,0)dw+ & [ Sw)dw,8)d¥ w,8)dw
2% J_u, 2% Ju,
= L™ 4w, 0)d¥ @, 8)dw + - /w " d(w, 0)d¥ (w, 0)dw
- 4w —ws w’ w’ Y 41 e ) )
1 [~9e K=1 K=1

= Z; [e,)w—;—g sin OQL(e—ij)®§K(e—jw§ sin ‘)][eJU-T 4 gin OiL(e-ij)®‘K(e-jw§sin ')]Hdu

ws | - . . . . . -1 . . . .
+4_1;/ [eri,—‘g-smOQL(e—JwT)®I,K(e—;w§nn0)][e1w!‘1—§smOQL(C-JwT)®'K(e-Ju§nnl)]Hdw
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% /-u. [QL(C"j‘“T)ff(e"j”T)] ® [’K(C-ngﬁn')’ﬁ(e'j“'f 'm')]du
4i / [®L(e7“T )@Y (e7T)) @ [y (e~ivdn )@ L (e~ iwttint)dy,  (4.20)

The two terms in the Kronecker product can be expressed as

1 QT . G (L-1)wT
. ) e—i(WT 1 con I(L=2WT
@y (e Ty @ (e Ty = = Aw) (4.21)
e-iL=1wT | 1
and
1 ef(Wwising J(K-1)wisine
e—F(1wising 1 ... ei(K~2)wiaine
QK(e-jw%sinO)tﬁ(e-J‘w%uinO) =
e=itK=1)wisine .. 1
= B(w,9).
(4.22)
The signal covariance matrix can now be compactly written as
—tg 1 aly
R, = —/ A(w) ® B(w,0) dw + E/ A(w) ® B(w,0) dw. (4.23)
we
The above matrix can be expressed as
Zur 80B(w,0) dw s “* a,B(w,0) dw --- Joor a-1)B(w,0) dw
R - 1 __:.' a_1B(w,0) dw _"" y 60Bw,0) dw --. J’"_"::' a(z-2)B(w,0)dw
' T 4x .
Sout am(r-1)B(w,6) dw e e @0B(w,0) dw
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j;": aoB(w,6) dw f:.' a,B(w,0) dw --- _[:': a(-1)B(w, ) dw
1 f:: a-lB(w,O) dw f:: aoB(w,a) dw - j:': a(L_,)B(u,O) dw
t . . . . (429
| f:: a_(L..l)B(w,O) dw e j:: anB(w,ﬂ) dw ]

where a;, = ¢/"1“T. The above matrix is block Toeplitz. The entire matrix can be formed by
calculating the blocks of the first row and column and creating a Toeplitz matrix. This is done

using Matlab. ™ e block on the i* principle diagonal of the above matrix is

R(i) = / - ¢"'“T B(w,0) dw + f ' e“T B(w, 0) dw. (4.25)

-y Wwe
The elements on the i* principle diagonal of R(iz) are

—We | .. . LI .. .
r(i1, i) = T giiawdaindy,, o - f g giawtaindy, (4.26)

—wp 4r we

The variable i; ranges from -(L-1) to (L-1) in increments of 1. The variable i; ranges from -(K-1)

to (K-1) in increments of 1. Each element of the signal covariance matrix is in closed form as

.. 1 [« jwlisT+i3 4 sin 6] 1 [ jw(i1T+62 % sin 0]
r(iy,i2) = ype gwlhiltiag dw + — w1 T+ia s dw
e—iwelis T+ia-£8in8) _ ,~jwslis T+is-% sin6) + ejwslir T+iz: L4in0) _ piwelis T+is-$4ind)
4xjliy - T + iz - Ssin 4]
sinfwyT'(é1 - T + iz - $8in )] — sinfw,T'(iy - T + iz - $5in0)]
2x(iy - T + iz - $sin6)
wpT - sinclwp(iy - T + iz - $8in )] — woT - sincfws(iy - T + iz - $sin 0))]
2r ’

—-Wp we

(4.27)

with the sinc function defined as

sin(z)

sinc(z) = (4.28)
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Equation 4.27 is used to compute necessary elements of the signal covariance matrix. The file

mscmnew.m implements this equation.

Van Veen [39] described another method of computing the signal covariance matrix for two

uncorrelated signals at a single location. First, he defined R, for a single source as

R, = / P (w)d(w)d” ()dw, (4.29)
1]

where p?(w) is the source PSD and Q2 is the source frequency extent. He approximates the above

integral by a Riemann sum and avoids integration in the following equation:

J
R, = Y pw)dw)d? (w)Aw
j=1
x AD2Af, (4.30)

where

A = [d(w;)d(ws) --- d(ws))

r2 = diag{pz(wl)r pz(“"?)v Ty 2(“’J)}A“" (431)

Now, the two uncorrelated sources and noise can be expressed as

rZ o Al
Ree m [A1 A + Rpn- (4.32)

0 I3 A¥
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This equation is used for negative and positive frequencies to obtain real data. Note that d(—w) =

d*(w) and d¥(—w) = d¥*(w) = dT(w). Real data are obtained with the following equation:

ri H r T
-+ 0 Af vl O Aj
=~ [A, A +[4143) + Ran. (4.33)
r2 H r2 T
0o 32 A3 0 32 Aj

The file R_intur.m computes the signal covariance matrix using this method.

Next, suppose the source has spatial and frequency extent. The PSD function used is

S(w,a) = %X[-w.,—w.](w)X[—l.,—0.](0) + %x&».,«»](w)xp. ,0.](0)- (434)

In this case, the covariance matrix involves a double integral and is defined by
-8, p-we 1 0 pwn
= ox / / S(w,0)d(w,0)d? (w, 8)dwdb + o / / S(w,0)d(w, 0)d? (w, 0)dwde
—Wwp (8 We

/-o. /“"‘ d(w,0)dﬂ(u,9)dwd0+4ir /‘" f " d(w, 0)a7 (w, 0)duwdd

-0 —tag
/ / [oE uint g, @ @y ][ Pt in0 g, @ @ ]H dwdd

1 [

*a {e' whittsintg, o Bl T NG, @ ¥x)Tdwdd

0, we

~0s —We [ »
/ (%) @ [®x®T)dwdd + 21; / f (®.®7 )@ [®x¥E]duds, (4.35)
0 Juw,

where the arguments of % and ¥ x have been dropped and are =77 and e~/ ¥%in? respectively.
This can be solved as in section 4.3.1.1. Each element of the signal covariance matrix is in closed

form as

-8s p-we . L 0 » g
r(11,12)°—- / ewl'zT+'=%'m’ldudo+i f eulinT+iatsindlg, 4g

47 0o we
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=8 p—jwelis T4iz-$ain0) _ ,—jurlis-T+is 4eind) +/0. eiwslis T+iz $ain 0] _ pjwelisT+iz-4ain 0]

= o axjlis T+ iz - Ssinf] . axjlis T +1; Leind)] d
be o—jwalis-T—iz-$4in0) _ ~jwslis T-iz $aind) O jwaliyT+ia$ind) _ jwefis T+iz-$and]

= /., —axjli; T - iz Ssinf] + /. axjliy - T+ i3 - sin 6] a0
0 —jwelis T=iz $0in 0] _ p=jurlis T—iz-$sin] 0 gjwrlis T+iz-$in0) _ pjwelir T+iz 4 sind]

= /. axjli T — iz - S6in0] /. axjlis T +1iz - S6in ] a6

0 o—jwalis T=iz $4in#) _ y=jurlisT—iz $ain0]  junslis T+iz $ain0) _ gjwalis T+ia § sino)
= /. [ axjli T — iz Seinf] + 4xjliy - T + iz - Sein 0] 1do
~ J [ e—JwalivT—iz-4sind] _ ,=jurlir T=is $sind) N eiwslis- T+ia $aind] _ jwalis T+iz-$sin ']]AO.
pect 4xjliy -T — iy - $sind) 4xjliy - T + iz - $sin6)
(4.36)

The above equation is implemented in Rdb.m. The file Rtdb.m calls the function Rdb.m and

computes the entire covariance matrix.

4-15




Figure 4.6 Two plate multipath model

4.3.1.2 Multipath Model.  Figure 4.6 shows the geometry for the broadband multi-
path model. It is the same set-up as in section 4.2.1.3 for the narrowband case. The path length
difference between the direct path ray and the indirect path ray at each array element is calculated
to determine the array response to the reflected signal. The DOA 6 is the angle from the broad
side of the array as depicted in figure 4.6. The path length difference is computed based on the
geometry of figure 4.6:

Pi+P;=2(P+i-d)sin®, (4.37)

where i is the array element number with respect to the phase center of the array as defined in
figure 4.6, and d is the array sensor spacing. The path lengths P; and P; sum to give the total
path length difference between the direct and indirect path rays at the ith sensor. With this path
length difference at each element, the reflected signal can be represented as

_ 2(P+i-d)sin0",)’ (4.38)

z9(t, 1) = pr 2y (t -
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where c is the propagation speed. The total signal can be represented as the sum of two signals,

the direct path signal and the reflected one as follows:

8 =8; + 8;3. (4.39)

The data covariance matrix can now be computed as

Rx = E[ss"]+ R,
= El(s1 +82)(s) +87)] + Ran
= E[sis] + E[s18) + E[ss{'] + E[s287] + R

R.; + -Rillz + R'zl] + Rl: + an (4-40)

where

Ry, = / S(w)di(w,0)df (w,0)dw
]

Rys, = /S(w)d,(w,o)dgf(u,omu
[1]

Rew, = /n S(w)da(w, 0)aF (w, O)dw
Ro = [ S)s(w, 008 (0, 0)do
Ran = ol (4.41)

with d, the array response vector of the direct path signal as originally defined, d; the array

response vector of the reflected signal modified according to equation 4.38, and o2 the noise power.
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The array response vectors are expressed as

d, = ¥(e*T) @

and

d; = ¥(e“T)@p,

= ¥(e“T)®p, 1.e~jw2Esine
e~Jlwisin®,—jwik sind jw24 sine
[
e~jlwisine
-j -jw2l g
= w(e JUT) ® pre jw24 sin & 1

ol lwhsing —jw2ifd sine

ejlwdsine

e—jlugdnl

1.e-jw2Edine

e—ilwdsind —jw3iE=2 gin¢

eflwhaint —jw2Lsind ~jwatsine
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The last equation can be written as

dy = pee~iwdkuintyq (o, ). (4.43)

The above equations for the array response vectors indicate that the direct path signal covariance
matrix is the same as previously defined. The covariance matrix of the second (reflected) signal
is just p? times the previously defined signal covariance matrix computed for the negative of the
angle of the first signal. The expressions for the cross term signal covariance matrices are new and

must be determined. Substituting the PSD and second array response vector in 4.41 leads to

—Wwe . . » . -
Reey, = 4er, Wit sintg (v, 0)dH (w, -0)dw + %p,. f ewrkentg () 0)d¥ (w, —0)dw
-ty Wwe
= al;p" ¢ e,‘uzs ninO[eiu%'-lfnin "L ® ’K][e—jwﬁi—lflintil' ® ’;(]Hdw
. - . - - I3 - - .
+4i’.'p" eyw?Eunl{aw-‘-‘,—lgmtgL ® .K][e_‘w!-’-l%.m"l, ® ’;(]Hdw
We

1 L R  Kerd.
= Z;P"./ e)uzgunO[eri,—l%-mO’L®ix][e)w£ﬁ§m0';’!®’;"ﬂ]®
—w

. - . - - . . - .
+%Pr f' er?EnnO[er"q-‘-g il @ ,K][e)wﬁ,—‘-fluﬂ'f ® ';‘H]dw

We

- %p' FurEino juK-Dhsintg §H] o (@, 8T A
s
. . . r 0
oo [ elerEumecik-Dtins(g, @] @ (@ #Eldw, (4.44)

where W ®¥ is defined in equation 4.21. Again, the arguments of ®; and ®x have been dropped

and are e=3%T and e~3«$%in? regpectively. Define D(w, ) as

ef(K~1wisin®  j(K-2wisine 1
S (K-Dwidsing j(K-3whsine | e-jlu§dn0
D(w,6) = Je(K-Disint g, §T -
1 e—ilwhaind L —j(K-1)whsine
) (4.45)
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The cross covariance matrix can then be written compactly as
- « w. . .
Ru, = / eaE Rt AL)QD(w,0) it gp [ 6 AW)ED(w,6) du. (446)

Ry,s, can now be written as

i 1
f::: e,wzﬂ nnOa D dw f::: e;uzlnnla Ddw --- f::: Wik 'm'a(L-l)D dw
1 , f""- e,uzﬂ sind, D dw f"”c e""zz‘“"aoD dw --- f“"‘ e)u2£moa(L_2)D dw
Z; r
f::: egw2£ sinf, (L—I)D dw . f::’: cjwzznnﬁ oD dw ]
j::l: ejw?Eliniaode j:’: ejw?Eﬁnlalde w:ejw2§|inla(L_l)Ddu
+_1-p f:’:ejuaglinla_lpdw ]:':ejuzelinoaode w.beiw251inta(L_2)Ddu
g ’
: e;wzzlm 0q_ (L—I)D dw . ];-’: ejw?%ninOGGD dw
) (4.47)

where a;, = ¢/*1T and the arguments of D have been dropped. The above matrix is block Toeplitz.
The whole matrix can be formed by calculating the blocks of the first row and column and creating
a Toeplitz matrix. This is done using Matlab. The block on the #* principal diagonal of the above

matrix is a Hankel matrix of the form

—We L3 . <.
R(i) = / w3 eindoitwT ey 9) duw + f w3t aint jiwT n(y 9) du. (4.48)

—wp [
The elements on the i{* minor diagonal of R(i;) are
—Wwe . wy . . .. .
r(il,iz) - / ejw2§-in OejiquejigwﬁlmOdw +/ eijE lmoejuwTejszw§nn0dw. (4.49)

-ty We
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The variable i; ranges from -(L-1) to (L-1) in increments of 1. The variable i; ranges from -(K-1)

to (K-1) in increments of 1. Each element of the signal covariance matrix is of the following form:

i) % . /—w- JwliiT+25 sind4isdsin0)y , Zl;"' /“‘ w1 T+28 sin0+iz 4sind]
-y e

e—Jwelir T+2& sin 4iz-$ain0) _ o—jwislir- T+2L sin 04i5-£ein0)

= o 4xjli - T+ 2Esin0 + iz - sin 6]

edwslis T+2E ain #4is-44in 0] _ jwelia T+2E ain0+iz £ 0in 0]
4xjliy - T+2E6in 0+, - 4sing]
sinfwyT(dy - T + 2L sin 0 + iz - 4sin0)]
2x(is - T + 2L sin 0 + i, - I sin 0)
sinfw,T(3; - Tﬁ% sinf + iy - $sin0))
2x(iy - T+ 2E sin 0 + i, - 45in0)
wpT - sincfwy (8 - T + 2-’5 sinf + iy - %sin 0))
r 2x
woT - sincfwq(iy - T + 2% sinf + i3 - %sin 6))
e 2% )

+ pr

= pr

(4.50)

The file mscm12h.m computes this cross signal covariance matrix. The other cross covariance
matrix, R,.,,, is calculated in the same manner. The structure of R,,,, is the same as R,,,,. Its
elements can be expressed as

wpT - sincfws(iy - T — 2£ 6in 8 + i, - ¢ 5in 6)]
2%

r(il ] i?) = Ppr

waT - sinclw,(iy - T — 2L 6in 0 + i, - $5ind))
T 27 '

(4.51)

The file mscm21h.m computes this cross signal covariance matrix.
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4.3.2 Eigenvector Constraints.

4.3.2.1 General Case. The broadband constraint
wHd(w,0) = r(w,0) for we<w<wy, 0, <O<H, (4.52)

consists of an infinite number of constraints as opposed to a point constraint in the narrowband
case. Writing many constraints at specified frequencies and angles would be inefficient because each
constraint uses up one degree of freedom. Also, the constraints would hold at only the specified
frequency and angle pairs. There would be no control over the response at frequency and angle
pairs other than the specified ones. For this reason, Van Veen [40] defines eigenvector constraints
which minimize the total squared error between the desired response and the actual response over
the entire frequency and angle extent while using up a fixed number of degrees of freedom. Defining

rq as the desired response, the total squared error between the desired and actual response is

-0, —-Wg LY
Ira(8,w) — w#d(8,w);?dwdd + 4% / f [ra(8,w) — wH d(6,w)|?dwdd.
o

2 1 *
e = 4—
x -0 —wy . We

(4.53)
The problem is to minimize this total squared error subject to keeping a fixed number of constraints.

The factor 4‘—, i8 included for convenience. With the previous definition of R,.

-8 p=we L .
R, =~ / (0, w)d¥ (8, w)dwdd + — / /" (6, w)d¥ (8, w)dwdd,
4r an Jo, Ju.

-8 —wp
the problem is stated as

1 —‘. —ly
: T _ T .
min [w"R,w o [. . / rz(6,w)d(8,w)dwdd

-Wwy

-0 —We
- Z%F ( / ra(6,w)d*T (ﬂ,w)dudO) w

—0. -y
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[ 3 8y rws
- 4iwwr /0 /: r;(l),w)d(O,a,)dde—%( /. / r,(o,u)d-T(o,u)dwdo) wl,  (4.54)

We

where the transpose operator is substituted for the Hermitian since the data and weights are real
and the terms excluding w are eliminated. After taking the gradient with respect to w and setting

the equation equal to zero, this can be arranged as

[/ wy
Ryw / r3(=0, —w)d(—6, —w)dwdd

81r 8, We

1 8y puwp
+ 5 / / ra(=8, —w)d* (=8, —w)dwdd
0 Yo

6 i L Wy
v [ rawae,ued + o I T
8= We 87 0. Jw.

L

Define f as follows:

1 05 Wh 1 05 "3y
f= 4 / / F3(=0,—w)d(=0, ~w)duwdd + = / / ra(~8, —w)d* (~8, —w)dwdd
fq 9, We

We

1 [/ Wy 1 s wp
+ = / / r3(0,0)(0,0)dwdd + / ra@,w)d" (6, w)dwds.  (4.56)
[ 0,

8w we wa

By properly choosing the desired response, equation 4.56 can be solved. Constrain the response to

have unit gain and linear phase with the response defined as
rq = e~ 35 WT (4.57)

This amount of delay is required for a natural beamformer response. If you do not allow enough
delay in the constrained response, the beamformer will not have time for weighting and summing

enough of the delayed data at the sensors and taps to meet the constraint.
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Each of the four integrals is solved separately to obtain f. The first integral is solved by

/r. /‘:b r3(-9, —w)d(-0, —w)dw

= / / E D%y

/]

ke

eiw(55H)tain e

Each of the elements in the above vector can now be expressed as

_7.(51)=//e-ji,wr

e (VT eiw(EFt-1)tsin0
® dwdé
I (L-1)WT (55 -K+1)% sine
e—i(E5t T W edw(X52 )4 ain e 1
e—i(AFt—1WT eiw(E5L~1)4-sin 6
® dwdd.
e~i(552-L41)T edw(EF2 -K+1)4 sin ¢
eiw(Est)t sind Yxst)
eiw(E5t-1)$sine YEsiony

where each of the y_;,s is of the form

with 4, fixed. The variable 4, ranges from =32

l. eIw(E5-K+1)4 sind

dwdf =

Ymis __.//e—jthe—ji:w%linldwdo

L-1

| Yok |

(4.58)

, (4.59)

(4.60)

to £51 — L + 1. The variable i, ranges from =£+1

to —'%ﬂ + K ~ 1. The other integrals can be solved in a similar manner to the first one. The

resulting equations and ranges of indices are provided below. The elements of the second integral
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in equation 4.56 are of the form
Yia = / elhT itwisinty, (4.61)

with i, fixed. The variable i; ranges from 451 to 451 — L + 1. The variable i, ranges from =£+!

to -‘—Kfﬂ- + K — 1. The elements of the third integral in equation 4.56 are of the form
Vi, = / eji‘WTeji’”%dn.dU (462)

with #; fixed. The variable §; ranges from % to % — L 4+ 1. The variable i3 ranges from K—;—‘-

to -K;—‘ — K + 1. The elements of the fourth integral in equation 4.56 are of the form
Vmip = / e ihwT g-jiawisinty, (4.63)

with i, fixed. The variable i; ranges from -L;—l to "—;—1 — L + 1. The variable i, ranges from 5—;—‘
to Xl - K+1.

Since I had already written the following algorithm, the first plus second integrals were

computed and the third plus the fourth to find the elements of f:

1 " LI, T4i 2 4 9 1 s we o ps Y P
i) =52 / ( el T+t sin ]dw) o+ / ( / e””["T+"c""‘]dw) de
[ We (A

we

1 8y ejw.[i,T+ig § sin 8] _ eju.[i,T+i,§ sin 8] 1 1/ e-jw.[.',r.q..',g. sinf) _ e‘-"“"["‘T*‘"’f sin 8)
= = do+— do
8= ./o. LT+ izgsin 6] +81r o —inT+ izg-sin 6)
1 9% gjwsliaT+iatein 8] _ pjwaliaT+iadsing]  ~jwalirT+izdsin6) _ p—jwa[irT+iz$sine]
= = dé
87 Jo, iliLT + i1 4 sin 9] —jlirT + iz 4 sin 6]
1 J ej“’lb’lr"’iﬂ% sin ‘] - eju.[l']T-}-iz% sin ’] e—jw.[ﬂ';T{-i:% sin €] - e—jw.[ﬁT'Fi: % sin 8}
N — - - ASb.
8« = J[i1T + iz 4 sin 4] —jli1T + i,45in 6]
(4.64)
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The above equation can be used to compute the first pair and the second pair of integrals since the

pairs have common ranges for the indices of i; and i;. Each of the pairs of integrals is of the form

- 1" [“ ufiT4iataing] L™ [ iufaTHiateine)
f(.l,g,)=8—1/‘ fa Tt g+ o fe’ THatenolg 49 (4.65)

we

The files ftdb.m and fdb.m implement the above integrals with a Riemann sum. Equation 4.55 can
be written in vector notation as

R,w=f. (4.66)
This is in the same form as the linear constraints previously defined as
Clw =g, (4.67)

with R, in the place of the Hermitian of the constraint matrix and f in place of g. Perfor . ing a
low rank approximation on R, will be more efficient by using less degrees of freedom than all of
the columns of R,. Keeping most of the energy of the eigenvalues provides a good approximation

to higher rank matrix, R,. The signal covariance matrix can be written
R, = U, VH, (4.68)

where I, is a diagonal matrix containing all or most of the nonzero eigenvalues. Based on Buckley’s
[5) time bandwidth product for sources at a single angle, a formula is developed which provides
good results for the multiple angle case. The number of constraints, D, used in the low rank

approximation is computed as

D= [I(K - 1){Zsint, - aing,} + (L~ DTR2052 - 1)+ 11, (469)
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where [z] is defined as the integer greater than or equal to z. Substituting equation 4.68 in equation

4.66 and noting that U is a unitary matrix (UHU = I) yields

UL, VBw = £
vive,viw = Ut
ol vw = polufs

Viw = £;'UHe

Viw = f. (4.70)

This in again in the form of the constraint equation

Clw =g, (4.11)

with C = V and g = f' = E71UHL. These values can be substituted in the optimum weight

equation to determine the steady state weights.

When the angle of the source is a fixed point, 8,, f is defined as

1 v, . 1 . .
f= e /‘: r3(0, — yd(0o, —w)dw + i /‘: ra(0,, —w)d* (0,, —w)dw
1 [ 1 [
+ e / r3(05,w)d(8,,w)dw + e / rd(0,,w)d’ (6,,w)dw, (4.72)

in equation 4.66. In this case, the number of constraints used, D, is based on capturing 99.99
percent or more of the energy represented by the eigenvalues of R,. The fraction of energy in the

eigenvalues is calculated as

D
A izl Ai

= == 4.73
2&1 Ai ( )
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where N = K x L. The elements of f are found as
. 1 . . .d . . . . d .
f(iy, i) = a{u.smc[w;(uT + iy sin8)] — wesincfwa(i, T + i2— sin 0} (4.74)

Equation 4.74 holds for the multipath model for sources having frequency extent with a slight
modification. The desired response must be modified to account for the additional delays through
the beamformer associated with the reflected (delayed) signal into the array. The beamformer needs
time to weight and sum the signals which are delayed relative to the direct path signal, which is
the only signal accounted for in the previous definition of rq. All of the delayed signals need to be
combined to form the output of the beamformer. If all of the delayed data at the sensors and taps

are not combined, the constraint response cannot be met. The modified response is
rq = e~i(5F Wl g-juleine (4.75)
Computing the same four integrals above with the modified response yields

.. 1 . . P . d .
f(i,i2) = 2—'{w;s1nc[m(11T+ . sinf + iz—sin )]

— wasincfwa (i1 T + g -sinf + izg sin9)}}. (4.76)

The file myfcenref.m implements the eigenvector constraints for the multipath case.
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4.3.2.2 Correlated Sources/Multipath Environment.  The correlated and multipath
signal environments are described next. The signals of the first case are perfectly correlated (p. = 1).
This example was performed to evaluate the cancellation performance for two correlated undesired
signals when one of them arrives in the direction of the main beam. The two undesired signals
are assumed to be uncorrelated with the desired signal. The file bfbbrefn.m contains the code for
this problem. The array has 16 elements equally spaced along a line at one-half the wavelength
of the highest frequency employed, x. The tap spacing is normalized to one second. This again
normalizes frequency on the interval —x to x radians. Twelve eigenvector constraints are employed
to ensure unit gain and linear phase over the frequency interval [2x/5, 4x /5] at negative 45 degrees
(main beam). The undesired signals are located at positive 45 degrees (right of array broad side)
and negative 45 degrees (left of broad side) with power levels of 20 db relative to the white noise

power level. Figure 4.7 shows that a beam is formed in the direction of the signal at +45 degrees

gainindB

-1 05 0 05 1
sin of DOA

Figure 4.7 Gain of beamformer with correlated signals as a function of DOA for constraint over
frequency interval [2x/5,4%/5] at -45 degrees plotted at nine frequencies

with the same amplitude level as the signal at -45 degrees. The beamformer’s weights adapt to

minimize the output power. When the two undesired signals are perfectly correlated, a null is not
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formed. The signals are cancelled by destructive addition. In this example, the responses to the
two undesired signals are formed so they will cancel (approximately the same amplitude but close
to 180 degrees out of phase). The cancellation is computed using the following equation for the
beamformer output power:

, = wi R..w. (4.77)

The output power for this case is -43.19 dB, which shows that the signals have cancelled well.
This cancellation eliminates most of the undesired signal energy at the beamformer output. In
the case of a radar in the presence of two correlated jammers (each uncorrelated with the desired
signal), this cancellation effect degrades the effectiveness of the jamming. If the signals happen to
be correlated desired signals (as can occur with near field multipath scattering into the array), the

desired signal will cancel. This is highly undesirable.

The last example is for the case of the radome simulation. A signal arrives from +45 degrees
and bounces off a flat plat and into the array at -45 degrees. The direct path signal is assumed
to be unaffected by the radome. The metal plate attenuates the signal but is assumed to impart
no random phase to the signal. The reflected signal is a scaled and delayed replica of the direct
path signal. This simulates a signal bouncing into the main beam. The file bfbbrefnon.m contains
the code for this problem. The array has 16 elements with 25 taps per element. The SNR is 20
dB. The reflected signal is attenuated by one fourth after reflecting from the plate. Ten eigen-
vector constraints are employed to ensure unit gain and linear phase over the frequency interval
[3%/5,4%/5) in the desired signal direction of -45 degrees. Figure 4.8 shows the unity constraint at
-45 degrees and the beam formed at +45 degrees at one fourth the power. This plot shows a twelve
dB drop because it is a plot of the beamformer response squared. The interference cancellation is
demonstrated in figures 4.9 and 4.10. Figure 4.9 is the output power of the beamformer with the
quiescent weights while figure 4.10 is the output power with the adapted weights due to the source

arriving from +45 degrees in addition to the reflection at -45 degrees. These plots are generated
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gain in dB

1 05 0 05 1
sin of DOA

Figure 4.8 Beampattern displaying reflection lobe; SNR = 20 dB

Quissoent Weights
$

mmmnam
= -

80 -0 4 -2 0 2 & 0 8
DOA

Figure 4.9 Normalized output power with quiescent weights
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0 %0 40 20 0 20 40 0 8
DOA
Figure 4.10 Normalized output power with adapted weights

in the same way as the beampatterns. In either case, the weights are first computed for the envi-
ronment of interest. For the beampattern, the responses due to a narrowband source swept across
the directions of arrival are plotted versus DOA. Each of these beampattern plots is for a specific
frequency. In the power plots, the output powers due to a broadband source swept across the
directions of arrival are plotted. They include the effects of the simulated radome. For this reason,
the power plots are like wide band responses. The Matlab files outputpowq.m and outputpoww.m
contain the code to compute and plot the output power. Figure 4.9 can be though of as installed
antenna pattern of a nonadaptive beamformer where the large sidelobes at the negative of the main
beam angle are due to RMR. Figure 4.10 can then be thought of as an effective installed antenna
pattern of an adaptive beamformer. The actual installed beampattern with adapted weights (fig-
ure 4.8) shows that the beamformer actually forms a beam in the interferer direct path direction
of +45 degrees. Figure 4.11 is a plot of the beamformer output power as a function of the ratio of
the temporal duration of the source to the delay between the direct and indirect path at the phase
center. Cancellation is affected by both the temporal duration and the delay. If the delay between

the different paths is small enough the correlation can approach unity. The delay was previously
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Figure 4.11 Canceliation as a function of the ratio of temporal aperture (T(8)) to path delay
(del(6))

defined as

del(8) = 2Psin(6). (4.78)

The delay gets smaller with smaller angles (closer to broadside). Cancellation improves as the
correlation increases. For example, the output power with L = 2 taps is -16.93 dB at # = 45° and
-21.15 dB at 8 = 15°. For a given angle, the temporal duration increases with increasing number
of taps (for a fixed number of sensors). Cancellation performance improves with more taps. For

example, at § = 15°, the output power is -21.15 dB with 2 taps and -35.43 dB with 15 taps.

Another parameter which affects the cancellation performance is the source frequency band-
width. With the difference in path lengths so small, the major contributor to decorrelation of the
signals is the wide bandwidth of the interference signal. The wave field coherence decreases with

bandwidth [22]. This is due to the lack of coherence at time differences of

At > E, (4.79)
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where B is the frequency bandwidth. For example, at # = 75° with two taps, the output power is

-16.7 dB for a source frequency bandwidth of 0.1 and -9.43 dB for a source bandwidth of 0.2.
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V. Conclusions and Recommendations

The results obtained show that if the interferer signal reflecting off the radome into the
main beam is well correlated with the direct path, the signal can be cancelled without forming a
null in the direction of arrival. With the narrowband multipath environment (zero bandwidth),
the output power plot shows the cancellation is about 50 dB. With the broadband multipath
environment (normalized frequency interval of [3x/5, 4x /5] radians), the output power plot shows
the cancellation is about 20 dB. The cancellation performance improves significantly as the number
of taps is increased. For the multipath environment generated in the previous chapter with a
SNR = 20 dB, with DOAs of +20° instead of +45°, the output power is -21.15 dB with 2 taps
and -35.43 dB with 15 taps. As the signal frequency extent increases, the degree of cancellation
decreases. For the same multipath environment as noted above with DOAs of +75° and two taps,
the output power is -16.7 dB for a source frequency bandwidth of 0.1 and -9.43 dB for a source
bandwidth of 0.2. Depending on the frequency bandwidth, a moderate number of taps can be

added to obtain good cancellation performance.

Desired signal energy will cancel due to RMR sidelobes in a manner similar to interference
signals. In this study, concentration was placed on cancelling reflected interference signals while
constraining the beamformer response in the direction of desired signals. The data were generated
to consist of interferers. In an actual radome, desired signals may reflect into RMR sidelobes. Since
these reflected signals may be correlated with the one in the desired direction (main lobe), part
of the desired signal might cancel. The amount of cancellation will be dependent on the actual

reflection coefficient of the radome, the bandwidth, and the directions of arrivals of the signals.

The results obtained so far for the GSC are encouraging. The beamformers employed in
this thesis are fully adaptive. These beamformers utilize all of the available adaptive degrees of
freedom, and are difficult to implement. Each adaptive degree of freedom typically requires a

receiver channel. These channels, in addition to the channel needed for the fixed beamformer, are
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not easily added to an airborne radar. The next logical step to this thesis is to evaluate interference
cancellation performance using only a small number of the adaptive degrees of freedom. This is the
subject of partially adaptive beamforming and is discussed in many of the reference articles. Van

Veen [40) has written several articles on partially adaptive beamforming.

The method of partially adaptive LCMV beamforming does not require pre-selection of the
particular elements which comprise the auxiliary antennas as in the case of the mulitiple sidelobe
canceller. The MSC assumes a known main and auxiliary channel designation. In a GSC, a
transformation is performed on the N — M available adaptive degrees of freedom to reduce the
number of adaptive weights. A likely interference scenario is developed which contains information
such as the maximum number of interferers, their locations and frequency ranges, white noise level,
etc.. This information is used to design the transformation matrix, which is built into the array.
Since the locations of the jammers are not known, the locations can be guessed to range over the
angular field of view of the array (—90°to+ 90°). The beamformer design based on these locations

should be evaluated to see how well it works for different test scenarios.

Another area which should be investigated is beampattern control. The normal beampatterns
obtained from the LCMV method have typical -13 dB down sidelobes. Most radar applications
require much lower sidelobe levels. If a partially adaptive beamformer is designed, the unused
adaptive degrees of freedom can be used to approximate a desired quiescent response [20}[43]. The
quiescent pattern can then be approximated to beampatterns typically obtained by deterministic,

nonadaptive arrays.

In this thesis, all frequency is in terms of normalized frequency. Intermediate frequencies

(IFs), the IF bandwidth, and the IF sampling rate of a typical X-band radar should be used next.

The radome models can be expanded to include more complex elliptical models which more
closely resemble the actual radomes. These models which do not make use of plane waves are very

difficult to develop. Actual array data at the individual elements, if available, should be used.
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Appendiz A. MATLAB Code

All Matlab code used to support this thesis was written by the author.

%bt_response.m

clear

n = 20; % number of sensors

lambda = 2; % wavlength

d = 1; % interelement spacing

w = (1/n)*axp(-j*2¢pi*sd/lambda+.1)."[0:n-1].’; % weight vector at

% sin(DOA) = 0.1

theta = pi#[-1/2:.00005:1/2]; % range of angles to compute response at
gamma = exp(-j*2+*pisd/lambda*sin(theta)); % form of array response
% vector element

D = (ones(n,1)*gamma). ([0:n-1].’*ones(1,vax(size(gamma)))); % array
% response vectors

%
% add a Hamming taper to the beamformer weights
%k = -10:9;

%wh = .54 + .46%cos(pi*k/10);
%u_tap = wh.’.%w;

%r = w_tap’*D;

%

r = u’*D; % responses
plot(sin(theta),10*1log10(abs(r)."2))
grid

%plotnb.m

% n is the number of sensors, ¥ is the number of angles minus one,

% 4 is the interelement spacing, lam is the wavelength, and w is the
% weight vector

function [R] = plotnb(n,¥,d,lam,w)

theta = pi/N*(0:N)-pi/2;

D = (ones(n,1)*(exp(~j*2+*pi*d/lam*sin(theta)))). ([0:n-1]. ’*ones(1,¥+1));
R = w’*D;

plot(sin(theta), 10+%1og10(abs(R)."2))

grid

xlabel(’sin of DOA’)

ylabel(’Gain in dB’)

%plotfftnb.m

% ¥ is the number of points in the FFT and w is the weight vector
function [R] = plotfftnb(N,w)

R = fftshitt(fft(conj(w),N)); % ¥ point FFT of conjugate of weight vector
R(N+1) = R(1); % add one point to respons. to enable plotting from -1
% to +1

k = [-1:1/(N/2):1]; % range of values for sin(theta)
plot(k,10+1log10(abs(R).2)) % plot gain of response vs sin(theta)
grid

xlabel(’sin of DOA’)

ylabel(’Gain in dB’)




%btnb9s.m

clear

n = 20; % number of elements

%m = 200; % number of data vectovs

lambda = 2; ¥ wavelength

%sigma = 1e-3; ¥ standard deviation of the noise
sigma_sq = 1e-6; % variance or power of noise
R_aa = eye(9); Y% spatial correlation matrix of signal-in-space vector
%

% decomposition of R_aa

%lv,e] = eig(R_aa);

%A = vesqrt(e)sv’;

%

%N = sigmasrandn(n,m); % m noise vectors

d = 1; % interelement spacing

%

% array response vectors of signal and interferers
ds = exp(-j*2+pi*d/lambda*(0.1)) .~ ([0:n-1].’);

dil = exp(-j*2+pi*d/lambda*(-.85)) .~ ([0:n-11.’);
di2 = exp(-j#2¢pi*d/lambda*(-.65)) .~ ([o:n-11.’);
di3 = exp(-j*2#pi*d/lambda*(-.25)) .~ ([0:n-1].’);
di4 = exp(-j*2+pi*d/lambda*(0.05)) .~ ([0:n-1].’);
dib = exp(-j*2#pis*d/lambda*(0.25)) .~ ([0:n-11.’);
di6 = exp(-js2+pi*d/lambda*(0.45)) .~ ([0:n-1].?%);
di7 = exp(-j*2#pi*d/lambdas(0.65)) .~ ([0:n-1]1.7);
di8 = exp(-j*2+pi+d/lambda*(0.85)) .~ ([0:n-11.7);
%

¢ = ds; % constraint

f = 1; % desired response
vw_o = c*inv(c’#c)*f; % quiesent weight vector

% make C_n orthogonal to ¢ and w_o

cc = [c w_o];

[U,s,Vv] = svd(cc);

C.n = U(:,2:n);

C_n’*c

c_n’sw_o

%

H [ds dil di2 di3 di4 dib di6 di7 di8]; % direction matrix
%X = H#A*randn(9,m) + N; % m data vectors

%R_xx_hat = 1/meX*X’; % sample covariance matrix

R_xx = H¢R_aa*H’ + sigma_sq*eye(n); % data covariance matrix
Y%norm(R_xx_hat - R_xx)

RI = inv(R_xx); % inverse of R_xx

w = RI*c*inv(c’*RI*c)#f; % optimum weight vector

w_n = inv(C_n’#+R_xx*C_n)*C_n’*R_xx*w_o; % adaptive weights
w2 = w_o - C_n*w_n; % weight vector in GSC form

%RIh = inv(R_xx_hat);

%wh = RIh*c*inv(c’#RIh*c)*f;

figure(1)




%plottftnb2(1024,¥,wh);
plotfftnb(1024,w);
figure(2)
plotnb(n,10000,d,lambda,w);
figure(3)
plotnb(n,10000,d,lambda,w2);
figure(1)

%plotfftwb.m

% K is the number of sensors, L is the number of taps per semsor, ¥ is
% the number of points in the 2-dimensional FFT, £ is the frequency,
% and v is the weight vector

function [R] = plotfftwb(K,L,N,f,¥)

VW = reshape(w,K,L); % unstack the weight vector in a matrix where the
% columns are delayed array output vectors

R = fftshitt(f£t2(conj(W),N,N)); %2-dimensional FFT of conjugate of
% veight matrix

%

% add another row and column to allow plotting sin(theta) from -1 to
% +1 and normalized radian frequency from -pi to +pi radians
R(:,H+1) = R(:,1);

R(N+1,:) = R(1,:);

%

% determine how many points to use based on the frequency

fn = round(N+(f£+.5)+1); % frequency number

1s = (N+1)-(fn+1)+1;

incs = floor((fn-(1s+1)+1)/2);

k = [-1:1/incs:1];

%

plot(kx,10*logi0(abs(R(1s+i:fn,fn)).“2)) % pull out column

% corresponding to frequency number and rows corresponding to good
% spatial points

grid

xlabel(’sin of DOA’)

ylabel(’Gain in dB’)

Ymscmnew.m

% K is the number of sensors, L is the number of taps per sensor, the
% is the angle the source is arriving from, f1 and f2 are the lower
% and upper limits of the normalized frequency of the source, doc is
% the interelement spacing divided by the speed of propagation
function [R] = mscanew(K,L,the,f1,£2,doc)

wb = 2#pi*f2; ¥ normalized radian frequency
wa = 2#pi*fl; Y normalized radian frequency
th = the*pi/180; % angle in radians

x = doc#*sin(th);

R = zeros(K+L ,K*L); % form data covariance matrix with all zeros

for il = -L+1:L-1; % for each value of i1, compute row and column

for i2 = 0:K-1; % find row and column of matrix for each il
row(1,i2+1) = (1/(2#pi))*(wb*msinc(wbs*(i1+i2*x))-vasmsinc(wa*(il+i2+x}));
col(1,i2+1) = (1/(2#pi))*(vbsmsinc(wb*(i1-i2#x))-wasmsinc(wa*(i1-i2*x)));




end
Rsub = toeplitz(col,row); %form toeplitz matrix
if i1 == 0;
R = R + kron(eye(L),Rsub); % add matrices to main diagonal
elseif i1 > 0;
% add matrices to diagonal above main diagonal
R = R + kron(diag(ones(1,L-i1),i1),Rsudb);
elseif il < 0;
% add matrices to diagonal below main diagonal
R = R + kron(diag(ones(1,L+i1),i1),Rsudb);
end
end

%R_intur.m

% ¥i is the number of frequency increments, thl is angle of first

% source, th2 is the angle of the second source, fi and £2 are the

% lower and upper frequencies of the sources, sigi_sq and sig2_sq are

% the variances or powers of the first and second sources

function [RI] = R_intur(K,L,¥i,thi,th2,£1,£2,8ig1_sq,8ig2_sq)

omegal = 2spisf];

omega2 = 2#pisf2;

inc = (omega2 - omegai)/Ni; % find frequency increment

omega = omegal + inc*(0:Ni); % frequency points

thetal = thi#pi/180;

theta2 = th2#pi/180;

di = zeros(K+L,Ni+1); % set array response vectors of source 1 to zeros

d2 = zeros(K+L,¥i+1); % set array response vectors of source i1 to zeros

%

% for each frequency compute the array response vector of the sources

for il = 1:Ni+i;

d1(:,i1)=kron(exp(-j*omega(i1)).~([0:L-1].’), ...
exp(j*omega(ii)*sin(thetal)). ~([(K-1)/2:-1:((K-1)/2)-K+1].?));
d2(:,i1)=kron(exp(-jsomega(i1)).“([0:L-1].’), ...
exp(j*omega(ii)*sin(theta2)).~([(K-1)/2:-1:((K-1)/2)-K+1].%));

end

%
Al = d1;
A2 = d2;

Gam_sq = 0.5+eye(Ni+i)#*inc; % flat PSD for real data

R_aa = [Gam_sq zeros(Ni+1,Ni+1);zeros(Ni+1,Mi+1) Gam_sq]l;

% covariance matrix over positive frequency for two uncorrelated sources
RIp = [sigi_sq+*Al sig2_sq*A2]*R_aa*[A1’; 42°];

% covariance matrix over negative frequency for two uncorrelated sources
RIm = [sigl_sq*conj(Al) sig2_sq*conj(A2)]+R_aa*[A1.’; A2.°];

RI = RIp + RIm; % covariance matrix for two uncorrelated sources

%Rdb.m
% oa and ob are the lower and upper radian frequencies, thl and th2
% are the lower and upper angles of the source, Ni is the number of




% angle increments, il and i2 are indicies from RTdb.m
function [R) = Rdb(oa,ob,thi,th2,¥i,il,i2)
inc = (th2-th1)/Ni; % angle increment
theta = thi + inc*(0:Ni); % angles
R =0;
% approximate integral by Riemann sum at each angle; take care of
% cases when denominator could be zero
for ii = 1:NWi+1;
it i1-i2e«sin(theta(ii)) == 0 & i1+i2#sin(theta(ii)) ==0;
R = R + 2*(ob-oa)*inc;
elseif il-i2+sin(theta(ii)) == 0;
R =R+((ob-oa)+(exp(jsobs(i1+i2ssin(theta(ii))))- ...
exp(jroas(il1+i2¢sin(theta(ii)))))/(j*(i1+i2#*sin(theta(ii)))))*inc;
elseif i1+i2#sin(theta(ii)) == 0;
R=R+((exp(-j*oas(it-i2¢sin(theta(ii))))~ ...
exp(-j*obs(il-i2+sin(theta(ii)))))/ ...
(j*(i1-i2+sin(theta(ii))))+(ob-o0a))*inc;
else
R =R+((exp(-j*oas(i1-i2+*sin(theta(ii))))- ...
exp(-j*obs(il-i2#*sin(theta(ii)))))/(j*(i1-i2#sin(theta(ii))))+ ...
(exp(j*ob*(i1+i2*sin(theta(ii))))-exp(jsoa*(ii+i2#sin(theta(ii)))))/ ...
(j*(it1+i2#sin(theta(ii)))))*inc;
end
end
R = R/(4+pi);

%Rtdb.m
% thel and the2 are the lower and upper angle limits of the source, fi
% and £2 are the lower and upper frequency limits of the source. and
% doc is the interelement spacing divided bt the speed of propagation
function [R] = Rtdb(K,L,thel,the2,f1,£2,doc)
Wb = 2¢pi*f2;
wa = 2+pisfl;
thl = thei#pi/180;
th2 = the2#pi/180;
R = zeros(KsL,K=L);
for il = -L+1:L-1; % for each value of il, compute row and colummn
for i2 = 0:K-1; %find row and column of matrix for each it
row(1,i2+1) = Rdb(wa,wb,th1,th2,100,i1,i2);
¢0l(1,i2+1) = Rdb(wa,wdb,th1,th2,100,i1,-i2);

end
Rsub = toeplitz(col,row);
if i1 == 0;

R = R + kron(eye(L) ,Rsub); % add matrices to main diagonal
elseif i1 > 0;

% add matrices to diagonal above main diagonal

R = R + kron(diag(ones(1,L-i1),i1),Rsudb);

elseif il < O;

% add matrices to diagonal below main diagonal

R = R + kron(diag(ones(1,L+i1),i1),Rsudb);

end




end

%Xbfbbrefn.m

clear

K = 16; % number of sensors

L = 5; % number of taps per sensor

1 = .2;

12 = .4;

doc = 1; % interelement spacing divided by speed of propagation
c_ang = -45; % constraint angle in degrees
sign_sq = .01; % noise variance or power

sigl_sq = 1; % variance or power of signal 1
8ig2_sq = 1; ) variance or power of signal 2
R_thetal = mscmnew(K,L,45,f1,£2,doc);

R_theta2 = mscmnew(X,L,-45,f1,12,doc);

% lov rank approximation of R_thetal and R_theta2
%

[U1,51,V1] = svd(R_thetal);

eigenl = svd(R_thetal);

[D1,per_en1] = getD(K,L,eigeni,.9999)

U_L1 = U1(:,1:D1);
S_L1 = S1(1:D1,1:D1);
V_L1 = V1(:,1:D1);

[u2,52,v2] = svd(R_theta2);

eigen2 = svd(R_theta2);

(D2,per_en2] = getD(K,L,eigen2,.9999)
D2 = D1 % ensure matrix sizes are same
U_L2 = U2(:,1:D2);

S_L2 = $2(1:D2,1:D2);

V_L2 = v2(:,1:D2);

Al = U_L1;

Sigil = S_L1;

A2 = U_L2;

Sig22 = S_L2;

%

%

% another way to get square roots of matrices
%[v1,e1] = eig(Sigil);

%Sigil_sr = vissqrt(el)*vl’;

%[v2,02] = eig(Sig22);

%Sig22_sr = v2esqrt(e2)*v2’;

%Sigl2 = Sigll_sr*Sig22_sr;

Sig12 = sqrt(Sigl1)#*sqrt(Sig22);

Sig21 = conj(Sigil2);

%Sigi2 = zeros(size(Sigil)); % make uncorrelated for testing purposes
%Sig21 = zeros(size(Sig22)); % make uncorrelated for testing purposes
R_ss = [A1 A2]=[Sigll Sig12;Sig21 Sig22]*[A1°;A42’]; % signal covariance
R_xx = R_ss + sign_sq*eye(K+L);

%R_xx = sigl_sq+*R_thetal + sig2_sq*R_theta2 + sign_sqeeye(K+L); % for
% uncorrelated testing




%

% compute eigenvector constraints
R_thetac = mscmnew(K,L,c_ang,?1,£2,doc);
eigen = svd(R_thetac);

(D,per_en] = getD(K,L,eigen,.9999)
[U,S,V] = svd(R_thetac);

UL = U(:,1:D);

S_L = S(1:D,1:D);

V.L = v(:,1:D);

C = V_L;

i = myfcen(K,L,c_ang,?1,£2,doc);
f = inv(S_L)*U_L’#*fi;

w_o = Ceinv(C’#C)»t;

RINV = inv(R_xx);

w = RINV*Csinv(C’*RINVsC)»f;
tigure(1)
plotwb2d(K,L,1024,.2,%);

hold

plotwb2d(K,L,1024,.225,v);
plotwb2d(K,L,1024,.25,w);
plotwb2d(K,L,1024,.275,w);
plotwb2d(X,L,1024,.3,%w);
plotwb2d(K,L,1024, .325,%);
plotwb2d(K,L,1024,.35,9);
plotwb2d(K,L,1024,.375,w);
plotwb2d(K,L,1024, .4,%);

hold

%tigure(2)
%plotwb2d(K,L,1024,.2,w);
%tigure(3)
%plotwb2d(K,L,1024,.3,w);
%figure(4)
%plotwb2d(X,L,1024,.4,%);
%[vol,e01] = eig(S1);

%S1_sr = volssqrt(eol)svoi’;
%[vo2,002] = eig(S2);

%S2_sr = vo2+sqrt(eo2)*vo2’;

%tor £j = .2:.026:.4;

% out_p = w’sUisdiag(sqrt(s1}))

% out_m = w’+U2+diag(sqrt(s2))

% out_p = w’sUisdiag(sqrt(S1))=1

% out_m = w’=U2+diag(sqrt(S2))*rceexp(-j*2+pistjedel)
% out_t = out_p + out_m

% abs(out_t)
% outdb_t = 10s¢logiO(abs(out_t))

%end

%out_p = w’sUlisdiag(sqrt(S1))=1

%out_m = w’sU2+diag(sqrt(S2))srcsexp(-j*2+pis.3+del)
%out_t = out_p + out_m

%abs(out_t)
%outdb_t = 10+log10(abs(out_t))




out_pow = w’'sk_ss*w
abs(out_pow)
10*10g10(abs(out_pow))
tigure(1)

tunction [f] = myfcen(K,L,the,f1,£2,doc)
wb = 2episr2;
wa = 2spisf};

th = thespi/180;

x = docesin(th);

R = zeros(1,KsL);

ii = 0;

for il = (L-1)/2:-1:((L-1)/2)-L+1;

for i2 = (K-1)/2:-1:((K~1)/2)-K+1;

ii =11 + 1;

tr(ii) = (1/(2¢pi))*(wbemsinc(wb*(i1+i2¢x))-vasmsinc(vas(il+i2ex)));

end

end
t =42r.’;

function [answer] = msinc(x)
top = length(x);
for ii = 1:top;
if x(ii) == 0;
answer(ii) = 1;
else
answer(ii) = sin(x(ii))/x(ii);
end
end

Ymyfcenref.n

function [f] = myfcenref(K,L,the,£1,£2,doc,P)
wb = 2%pisf2;

wa = 2#pisfil;

th = thespi/180;
x = doc*sin(th);
R = zeros(1i,KsL);

ii = 0;
for il = (L-1)/2:-1:((L-1)/2)-L+4;

for i2 = (K-1)/2:-1:((K~1)/2)-K+1;

ii = ii + 1;

tr(ii) = (1/(2spi))s(wbemsinc(wb*(i1+(P#sin(th))+i2#x))~ ...

vasmsinc(was(i1+(P*sin(th))+i2¢x)));

end

end

f =1r.’;

%ftdb.m

function [f] = ftdb(K,L,thel,the2,f1,£2,doc)
wb = 2spisf2;

wa = 2%pisfl;




thl = the1*pi/180;

th2 = the2+pi/180;

R = zeros(1,KsL);

ii = 0;

for i1l = (L-1)/2:-1:((L-1)/2)~-L+1;
for i2 = (K-1)/2:-1:((K-1)/2)-K+}1;

ii = 4i + 1;

2x(ii) = tab(wa,wd,thi,th2,100,i1,i2) + tdb(wa,wb,th1,th2,100,i1,-i2);
end

end

f =1fr.’;

%tdb.m
function [f] = fdb(oa,ob,thi,th2,¥i,i1,i2)
inc = (th2-th1)/NWi;
theta = thl + inc*(0:¥i);
f =0;
for ii = 1:Wiel;
i? i1+i2+sin(theta(ii)) ==0;
£ = £ + 2¢(ob-oa)*inc;
else
t = 2+((exp(jsobs(i1+i2#sin(theta(ii))))- ...
exp(jsoas(ii+i2+sin(theta(ii)))))/(j*(i1+i2#sin(theta(ii))))+ ...
(exp(-j*obs(il+i2¢sin(theta(ii))))-exp(-jroas(it+i2+*sin(theta(ii)))))/ ...
(-j*(i1+i2¢sin(theta(ii)))))*inc;
end
end
t = 2/(8+pi);

%bfbbe_23d.m

clear

L=25;

K = 16;

doc = 1;

c_ang = 18;

11 = .2;

12 = .4;

sign_sq = .01;

sigl_sq = 10;

sig2_sq = 100;

R_thetal = mscmnew(K,L,-17.5,21,£2,doc);

R_theta2 = mscmnew(K,L,-5.75,£1,12,doc);

RI = R_intur(X,L,100,-17.5,-56.75,£1,22,8igl_sq,8ig2_sq);
norm(RI-(sigl_sqeR_thetal + sig2_sq*R_theta2))
R_thetac = mscmnew(K,L,c_ang,?1,£2,doc);

eigen = svd(R_thetac)

[D,per_en] = getD(K,L,eigen, .9999)

%D =ceil(((K-1)+(sin(c_ang*pi/180))+L-1)*2¢(22-21)+1)
%pex_en = sum(eigen(1:D,1))/sum(eigen)

R_xx = sigi_sq*R_thetal + sig2_sq*R_theta2 + sign_sq*eye(K+L);
R_xxn = RI + sign_sq*eye(K+L);
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[U,s,V] = svd(R_thetac);

U_L = U(:,1:D);

S_L = S(1:D,1:D);

V.L = v(:,1:D);

C=V_L;

i = myfcen(K,L,c_ang,f1,£2,doc);
f = inv(S_L)sU_L’*fi;

w_o = Csinv(C’sC)»t;

cC = [C w_o];

{uu,ss,vv] = svd(CC);

C.n = vU(:,D+1:KsL);

C.n'=C

C_n'sw_o

D

per_en

w_n = inv(C_n’#R_xx*C_n)*C_n’*R_xx*v_o;
w2 = v_o - C_n*w_n;

RINV = inv(R_xx);

RINVA = inv(R_xxn);

wil = RINV*Csinv(C’*RINVsC)sf;
wn = RINVn*C+inv(C’'*RINVnsC)et;
%figure(1)
%plotettwb2(K,L,512,.3,¥v1,un);
%tigure(2)
%plotfftwb2(K,L,512,.3,91,%2);
%figure(3)
%plotwb2d2(K,L,1024,.3,w1,wn);
%tigure(2)
%plotwb2d2(K,L,1024, .3,w1,w2);
tigure(1)
%plotwb2d(K,L,1024,.3,w_0);
plotwb2d(K,L,1024,.2,w1);
hold
plotwb2d(K,L,b1024,.225,%1);
plotwb2d(K,L,1024,.25,w1);
plotwb2d(K,L,1024,.276,w1);
plotwb2d(K,L,102¢4,.3,w1);
plotwb2d(K,L,1024,.326,w1);
plotwb2d(K,L,1024,.35,w1);
plotwb2d(K,L,1024,.375,w1);
plotwb2d(K,L,1024,.4,v1);
hold

figure(2)
plotwb3d(K,L,32,w1);
%tigure(2)
%plotwb2d2(K,L,1024,.3,91,w2);
%2igure(3)
%plotgfi(X,L,1024,c_ang,w_o);
tigure(4)
plotgfi(K,L,1024,-17.5,w1);
hold
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plotgf1(K,L,1024,-56.75,%1);
hold

tigure(5)
plotpf1(K,L,1024,c_ang,v_o);
tigure(1)

%¥plotwb3d.a
function [R] = plotwb3d(K,L,N,w)
omega = 2#pi/N+(0:¥) - pi;
theta = pi/Ns(0:N) - pi/2;
R = zeros(N+1,M+1);
d = zeros(KsLs(N+1),M+1);
for i1 = 1:N+1;
for i2 = 1:M+1;
d(1+(i1-1)#KsL:i1#KsL,i2)=kron(exp(-j*omega(i1)).~([0:L-1].’)
»exp(j*omega(il)*sin(theta(i2))). ([(K-1)/2:-1:((K-1)/2)-K+1].°));
end
R(i1,:) = w’»d(1+(il1-1)KsL:i1%KsL,:);
end
meshc(theta*180/pi,omega,10¢10g10(abs(R).~2))
xlabel(’DOA in degrees’)
ylabel(’Normalized f in rad’)
zlabel(’Gain in dB’)

%bfbbf4_9.m
clear
L =8;
K = 15;
1 = .3
1% = .4;
doc = 1
c_ang = 5.74;
R_thetac = mscanew(K,L,c_ang,f1,£2,doc);
R_thetal = mscanew(K,L,23.568,11,£2,doc);
R_theta2 = mscmnew(K,L,36.87,11,12,doc);
eigen = svd(R_thetac)
[D,per_en] = getD(K,L,eigen,.9999)
sign_sq = .01;
sigl_sq = 10;
sig2_sq = 100;
B_xx = sigl_sq*R_thetal + sig2_sq+*R_theta2 + sign_s sq*eye(KsL);
(U,S,v] = svd(R_thetac);
U(:,1:D);
V(:,i:D);
s(1:D,1:D);
_L;
i = myfcen(K,L,c_ang,f1,£2,doc);
inv(S_L)*U_L’#*2i;
= C+inv(C’*C)*t;
RI = inv(R_xx);
% = RI*C+inv(C’#*RI*C)»t;

lll."l"l"

< nH

u.
v_
S_
C
4
T =
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tigure(1)
plotwb2d(K,L,1024,.3,w);
hold
plotwb2d(K,L,1024,.325,%);
plotwdb2d(K,L,1024,.35,%);
plotwb2d(K,L,1024,.375,%);
plotwb2d(X,L,1024, .4,w);
hold

figure(2)
plotgt1(K,L,1024,c_ang,v.0);
tigure(3)
plotpf1(K,L,1024,c_ang,w_o);
tigure(4)
plotwb2d(K,L,1024,.3,w_0);
hold
plotwb2d(K,L,1024,.325,v_0);
plotwb2d(K,L,1024,.35,w_0);
plotwb2d(K,L,1024,.375,w_0);
plotwb2d(K,L,1024,.4,v_0);
hold

tigure(1)

%btbbadddb.m
clear

R_thetal = Rtdb(K,L,30,35,11,£2,1);

%R_theta2 = Rtdb(K,L,40,45,11,1£2,1);

R_thetac = Rtdb(K,L,c_angl,c_ang2,f1,£2,1);

%R_thetac = mscmnew(K,L,c_ang,f1,£2,1);

eigen = svd(R_thetac)

%[D,per_en] = getD(K,L,eigen,.87)

D =ceil(((K-1)*(sin(c_ang2+*pi/180)~-sin(c_angl*pi/180))+L-1)#2(£2-£1)+1)
per_en = sum(eigen(1:D,1))/sum(eigen)

%R_xx = sigl_sq*R_thetal + sig2_sq*R_theta2 + sign_sq+eye(KsL);
%R_xxn = RI + sign_sq*eye(KsL);

R_xx = sigl_sq*R_thetal + sign_sqseye(KsL);

%R_xx = sign_sq*eye(K+L);

(u,s,v] = svd(R_thetac);

U_L = U(:,1:D);
S_L = s(1:D,1:D);
V_L = v(:,1:D);
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C = V_L;

fis= ftdb(K,L.C_lngi.c_lng2.tl,t2,1);
%fi = myfcen(K,L,c_ang,f1,12,1);

£ = inv(S_L)sU_L’*2i;

w_o = Ceinv(C’#C)et;

RINV = inv(R_xx);

%RINVn = inv(R_xxn);

w = RINVeCsinv(C’*RINVeC)sL;

%wn = RINVn#*C+inv(C’*RINVneC)st;
%tigure(1)

%plottftwb(K,L,612,.3,w);

%tigure(2)

%plotwb2d(K,L,1024,.2,w);

%hold

%plotwb2d(K,L,1024,.225,¥);
%plotwb2d(K,L,1024,.25,%);
%plotib2d(K,L,1024..275.!);
%plotwb2d(K,L,1024,.3,%);
%4plotwb2d(K,L,1024,.326,%);
%plotwb2d(K,L,1024,.35,%);
%plotwb2d(K,L,1024,.376,w);
%plotwb2d(K,L,1024, .4,v);

%hold

tigure(3)
plotmf1(K,L,1024,((c_angi+c_ang2)/2),w);
tigure(4)

plotpf1(K,L,1024, ((c_angi+c_ang2)/2),w);
figure(1)

%bfbbrefnn.m
clear

re = .5;

sign_sq = .01;

R_11 = mscanew(K,L,45,f1,£2,cod);

R_21 = mscm2ih(K,L,45,£1,12,c0d,P);
R_12 = mscmi2h(K,L,45,£1,£2,c0d,P);
R_22 = mscm22(X,L,45,11,£2,cod);

%R_22 = mscamew(K,L,-45,f1,12,cod);
R_xx = R_11 + rc*R_21 + rc*R_12 + (rc."2)sR_22 + sign_sqreye(K+L);
R_thetac = mscmnew(K,L,c_ang,f1,£2,cod);
eigen = svd(R_thetac);

[D,per_en] = getD(K,L,eigen,.9999)
[(U,s,V] = svd(R_thetac);

U_L = U(:,1:D);
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S_L = $(1:D,1:D);

V_.L = v(:,1:D);

C=V_L;

i = myfcenref(K,L,c_ang,f1,£2,cod,P);
f = inv(S_L)sU_L’*fi;

w_0 = Csinv(C’sC)»t;

RINV = inv(R_xx);

w = RINV#Csinv(C’*RINVsC)»f;
figure(1)
plotwb2d(X,L,1024,.2,%);
hold
plotwb2d(K,L,1024,.226,w);
plotwb2d(K,L,1024,.26,w);
plotwb2d(K,L,1024,.276,%);
plotwb2d(K,L,1024,.3,w);
plotwb2d(K,L,1024,.325,w);
plotwb2d(K,L,1024,.35,w);
plotwb2d(K,L,1024,.375,%w);
plotwb2d(X,L, 1024, .4,w);
hold
%plotwb2d(K,L,1024,.3,w);
out_p = w’*R_xx*w
10%log10(out_p)

%outputpownbq.m

clear

d=1;

n = 16;

lambda = 2;

sigman_sq = 1e-6;

rc = .26;

P =28;

del = 2+P*,707;

R_aa = [1 rc*exp(j*2+*pi/lambdasdelsd); ...
rc*exp(-j*2+*pi/lambdasdel*d) rc."2];

did = exp(j*2+pi*d/lambda+(0.707)).~([(n-1)/2:~1:((n-1)/2)-n+1].");
dii = exp(j*2+pi*d/lambda*(-0.707)).~([(n-1)/2:-1:((n-1)/2)-n+1].’);
ds = exp(j*2*pisd/lambda*(-0.707)).~([(n-1)/2:-1:((n-1)/2)-n+1].°’);
c = ds;

£ =1;

w_o = crinv(c’=c)st;

cc = [c w_ol;

[vu,s,vl = svd(cc);

C.n=U(:,2:n);

C_n’*c

C_n’*w_o

B = [did diil;

R_xx = H*R_aa*H’ + sigman_sq*eye(n);
RI = inv(R_xx);

wl = RI*csinv(c’sRI*c)=*f;

w_n = inv(C_n’*R_xx*C_n)*C_n’*R_xx*v_o;
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w2 = w_o - C_n*w_n;
op = zeros(181,1);
opdb = zeros(181,1);
for ang = -90:0;
angr = ang*pi/180;
di = exp(-j*2+pi*d/lambda*sin(angr)) .~ ([0:n-1].?);
B = [di];
Rx = H#H’ + sigman_sqeeye(n);
op(ang+91) = w_o’*Rx*w_o;
opdb(ang+91) = 10*logi0(op(ang+91));
end
for ang = 1:90;
angr = ang*pi/180;
rc = (angr-2)/((pi/a)~2);
del = 2*P*sin(angr);
R_aa = [1 rcsexp(j*2+pi/lambdaxdelsd); ...
rceexp(-j*2+pi/lambdasdel*d) rc."2];
did = exp(j*2+pi*d/lambda*sin(angr)) .~ ([(n-1)/2:-1:((n-1)/2)-n+1].’);
dii = exp(j+2+*pi*d/lambda*sin(-angr)). ([(n-1)/2:-1:((n-1)/2)-n+1].’);
B = [did dii);
Rx = H*R_aa*H’ + sigman_sq*eye(n);
op(ang+91) = w_o’sRx*w_o;
opdb(ang+91) = 10%log10(op(ang+91));
end
angles = [-90:90];
plot(angles,10*log10(abs(op))]
xlabel(’DOA’)
ylabel (’Output Power in dB with Quiescent Weights’)

%outputpownbw.m

clear

d =1;

n = 16;

lambda = 2;

sigman_sq = le-6;

rc = .25;

P = 8;

del = 2#P*.707;

R_aa = [1 rc*exp(j*2#*pi/lambda*delsd); .
rc*exp(-j*2+pi/lambdatdel*d) rc."2];

did = exp(j*2+*pi*d/lambda*(0.707)). ([(n-1)/2:~1:((n-1)/2)-n+1].°);

dii = exp(j*2*pi*d/lambda*(-0.707)).~([(n~1)/2:-1:((n-1)/2)-n+1].’);
ds = exp(j*2+pi*d/lambda*(-0.707)).~([(n-1)/2:-1:((n-1)/2)-n+1].’);
c = ds;

=1,

w_o = c*inv(c’*c)*f;

cc = [c w_ol;

fu,s,v] = svd(cc);
C_n = U(:,2:n);
C_n’#*c

C_n’*w_o
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H = [did diil;

R_xx = HsR_aa*H’ + sigman_sq+eye(n);

RI = inv(R_xx);

w1l = RIscsinv(c’sRIsc)sf;

w._n = inv(C_n’*R_xx*C_n)*C_n’+R_xx*w_o;

w2 = w_o - C_n*w_n;
op = zeros(181,1);
opddb = zeros(181,1);
for ang = -90:0;
angr = ang*pi/180;

di = exp(-j*2#pi*d/lambda*sin(angr)) .~ ([0:n-1].’);
B = [di];
Rx = H#H’ + sigman_sq*eye(n);

op(ang+91) = w2’*Rx*u2;
opdb(ang+91) = 10*logl10(op(ang+91));
end
for ang = 1:90;
angr = ang*pi/180;
rc = (angr-2)/((pi/2)-2);
del = 2+P*sin(angr);
R_aa = [1 rcsexp(j*2+pi/lambdasdel*d); ...
rcxexp(-j*2*pi/lambda*delsd) rc."2];

did = exp(j*2#pisd/lambda*sin(angr)).~([(n-1)/2:-1:((n~-1)/2)-n+1].’);
dii = exp(j*2*pi*d/lambda*sin(-angr)).~([(n-1)/2:-1:((n-1)/2)-n+1].’);

B = [did diil;

Rx = E+#R_aa*H’ + sigman_sq*eye(n);

opl{ang+91) = w2’sRx*w2;

opdb(ang+91) = 10*logl10(op(ang+91));

end

angles = [-90:90];
plot(angles, 10*1logi0(abs(op)))
xlabel(’DOA’)
ylabel(’Output Power in dB with Adapted Weights’)

%outputpowq.m
K = 16;

sign_sq = .01;

R_11 = mscmmew(K,L,ang,f1,£2,doc);
R_21 = mscm21h(K,L,ang,f1,£2,doc,P);
R_12 = mscmi2h(K,L,ang,?1,£2,doc,P);
R_22 = mscm22(K,L,ang,f1,12,doc);

R_thetac = mscmnew(K,L,c_ang,f1,£2,doc);
R_xx = R_11 + rc*R_21 + rc*R_12 + (rc."2)*R_22 + sign_sq*eye(K=L);
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eigen = svd(R_thetac);
[D,per_en] = getD(K,L,eigen,.9999);
[U,S,V] = svd(R_thetac);
U(:,1:D);
S(1:D,1:D);
v(:,1:D);
_L;
= myfcenref(K,L,c_ang,f1,£2,doc,P);
inv(S_L)*U_L’#£i;
= C*inv(C’sC)*f;
= [C w_o];
,SS,VV] = svd(CC);

Quuna<na

g4 o )
AT a8 3R 2k
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UU(:,D+1:KeL);
inv(C_n’+R_xx*C_n)*C_n’*R_xx*w_o;
w2 = w_o - C_n*w_n;

RINV = inv(R_xx);

= RINVesC*inv(C’#RINV*C)=*f;

op = zeros(181,1);

opdb = zeros(181,1);

for ang = -90:0;

R = mscmnew(16,L,ang,f1,£2,doc);

Rx = R + sign_sq*eye(K*L);
op(ang+91) = w_o’#Rx*¥_o;
opdb(ang+91) = 10*logi10(op(ang+91));
end
for ang = 1:90;

angr = ang*pi/180;

rc = (angr~2)/((pi/2)-2)

R_11 = mscmmew(K,L,ang,f1,22,doc);
R_21 = mscm2ih(K,L,ang,?21,22,doc,P);
R.12 = mscmi2h(K,L,ang,f1,£2,doc,P);
R_22 = mscm22(K,L,ang,f1,£2,doc);

Rx = R_11 + rc#R_21 + rc#R_12 + (rc~2)#R_22 + sign_sqreye(K+L);
op(ang+91) = w_o’*Rx*w_o;
opdb(ang+91) = 10*logi0(op(ang+91));
end
opmax = max{op);
opnorm = op/opmax,
angles = [-90:90];
plot(angles, 10*1ogi0(opmax))
xlabel(’DOA’)
ylabel(’Normalized Output Power in dB with Quiescent Weights’)

%outputpouw.m
K = 16;
L = 25;
1
22
doc =

c_ang
ang =

.3;
.4;
i;

45

A-17




P=29,
= 0.25;
sign_sq = .01;
R_11 = mscanew(K,L,ang,?1,12,doc);

R_21 = mscm21h(K,L,ang,?1,22,doc,P);
R_12 = mscai2h(K,L,ang,f1,£2,doc,P);
R_22 = mscm22(K,L,ang,£1,22,doc);

R_thetac = mscmnew(K,L,c_ang,f1,£2,doc);
R_xx = R_11 + rc*R_21 + rc*R_12 + (rc."2)*R_22 + lign_sqtoye(xtL);
eigen = svd(R_thetac);
[D,per_en] = getD(K,L,eigen,.9999);
{u,s,v] = svd(R_thetac);
U(:,1:D);
S(1:D,1:D);
v(:,1:D);
_L;
i = myfcenref(K,L,c_ang,f1,£2,doc,P);
inv(S_L)*U_L’*fi;
= C*inv(C’#*()»f;

= [C w_o];
[uu SS,VVv] = svd(CC);
C_n = UU(:,D+1:K=L);
w_n = inv(C_n’#*R_xx+C_n)*C_n’sR_xx*w_o;
w2 = w_o - C_n*w_ n;
RINV = inv(R_xx);

= RINV*C+inv(C’*RINVsC)=*f;
op = zeros(181,1);
opdb = zeros(181,1);
for ang = ~90:0;

R = mscmnew(16,L,ang,?1,£2,doc);

= R + sign_sq*eye(K+L);

op(ang+91) = w’sRx*w;

opdb(ang+91) = 10%log10(op(ang+91));
end
for ang = 1:90;

angr = ang*pi/180;

rc = (angr-2)/((pi/2)°2);

llt“l“!"
<ll nn

uuuo<m¢=

o H
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R_11 = mscanew(K,L,ang,f1,£2,d0c);
R_21 = mscm21h(K,L,ang,?1,£2,doc,P);
R_12 = mscmi2h(K,L,ang,f1,£2,doc,P);
R_22 = mscm22(K,L,ang,f1,12,doc);

Rx = R_11 + rc#R_21 + rc#R_12 + (rc~2)*R_22 + sign_sq*eye(K+sL);
op(ang+91) = w’sRx*w;

opdb(ang+91) = 10+logi0(op(ang+91));

end

opmax = max(op);
opnorm = op/opmax,
angles = [-90:90];
plot(angles, 10+log10(opmax))

xlabel(’DOA’)

ylabel(’Normalized Output Power in dB with Adapted Weights’)
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